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5 S FE I ( Castelo 45 ,2019) 1 BEILAY A ARTE 7 AR AL U RE 77, DA BN 3 v 22 3] B0 A
KNG R A5 T AR & A 40 IR AR 45 ) 2 I ( Castelo %5, 2019 ; Dietvorst 1 Bharti,
202070 o FEES BT A AE R B e AR U, BT R A AR TR A T 4R R R R ROR
PR HEBSYT T BE ) B B AT VR RE AR SF H W AR T b, SR WO R HE T R LR
PR P PEACIR 55 5 7EIE & R0 R AL ] | B SR 15 = b B A N T BRIk, B30V 4 Ok i
TR Fe )| s P ARy BT I A B AU B B 2P R T 5 N LR RE 2 (]
MRS . 96BN REA A OpenAl JF & (R AL 58 ——ChatGPT il 1 A4 & F P 5 N T4 ik
22 B ARE RS, #1415 “ 5 ChatGPT X34 7 M B A 5 N A H 2% 5 A 58 N B3 A O 1 A
( Kasneci %5 ,2023) )
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PO T IH , FIE T NG T AR TR T, Kb R RS R R K
TR SRS, XS ARSI E I 2171 R IR A5 T A2 R FEAR K S Tr 1],
M AW EE N EHEHME, HATRCEIUS T —8 X FRILS M EZ R, (B 77
SRAEAZA, B, WA X TEIEDOERE LT B0 5T 32 B PAERTX SR Rk T B
XFAT A B 5 S5 AR 2 N AERIL AR A T A R A2 40 A1 T e = T4 31 2% 28 %o B8 ) 1 4 L 02 T
PHFILBIE R, HR 78 AL EAR P R R BT 5 T, B SCHk 32 25 FR S R — (1)
JEE ok B RS B ORI T AR R 2 s R i R SR 3, BERR R R SR AE AR TS
ARy AP AR L BRIt F5 B3 A8 0 A S FE anaT B o TR HE RS T T8 722 | LA R 5ok 26 i 7
W[ IBIEAT AR . BT, A SR N R AR5 SR T BE S m R &
A= REVERIH AR, K LERT B 2T R A P& AT R = X PR 5 ma AL ] k2 05 44
P

SEER T I, 2022 AN TR REH AR M 4, Sk B B B AR O, 7 N TR BB AR 1 75 5
T ERRAGE R A B ECE SC, A I B R R B0 B 2R AT A SN TR B S AR
C R G S & RSs PRt U8 IR D B Y S Al R AL AN O i R TR BT A B AR T &
JEAR JR) B A ( Kumar 45,2019) ™10 DI A B, 8 1 B0 2 B 4R T R A K A Ak 7=l &5
¥ B e Bh AT K, RS IR ST 22 T4, M A it & i R R sk 1 @, A<+ AT LRI L
K, B RN T b X B 8 FH 2k 457 B R SR AU G, o s 1 X 507 e AR 92 1 S
SO, B, AF5E 0 2% 3 kA5 T4 Bh 1 BOR AL T #0528 6 F 5k S B R oy
il 2 A G B SR AN 55 P S SR A 07 S8 AR kB AR B At S RS A IE AT AF L 3F B R 7 5 AT
i,

BN LA [RI R AR S Skt [ N A 2 35 03k A BE AR DG SCHR A T AR N3, 2047 T B2t
AT, RIS R I R — R TR B E b A R R AT Rk
S EE S AR U B9 OF 98 B, AT B30 ik R A7 T A A B, Bl e o B8 15 R (algorithm
aversion ) ( Dietvorst 2% ,2015) ' {HIT WA BFIEIE S T AANTHERS & 5000 F 32 581 ( Castelo %5
2019) ", B AF S L L (Logg %5 ,2019) 1) 3Ry 1 9% B AL AR BE G AR SR AL T EEAKYE . Bl
J& AR 20 ZAF K HREIEAR G PSR 2T T AR B, F T S AU R LA R I, 15 T S A i
AHIE ST 3 R S B S T Y S S AT TR R b AR ST A S R
FAFAE R SCHR B 28 S &, 3 T A BREAE A ANUGE AR B e 40 e BB i &, B 7
PRI FLAE Ry PAEAIL I AR A BB Rk A8 S 5 AT A B, PRIk, A SCHEC A SCRBE il b2 it
— M ZR RGN —BAEZE (AN 1 o), BRI & M 1) M {5 A I S5 A5 AR M 2 A5 (5 4
AR N TFE AR T RN HABA AR PR 28 90 A SRE AR AT ) = EE 2R b, O 38 T 0L in T 388 534
TARXT R TS AENLE . S EARLE AR, SRR R EE A = AT R R B KR Rk R
FE AR

i, AR SO T EAR KA T 45 G R R B 5t DARTREYE 9 s 890, Ak o8 it
T AT IOE, S BT 2% A B8 E R AR A B e o S AR A R A AR R
PEAMICRIIE L, Ak, Bk HE iz 8] 1 A A s kA& At B E h A
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SO I BRAERER 5 B T S B 45 A AR AR SR T i & SN 3R AR ORAR S IA IR (A2 )
AP R 51 SRk AT AL RS A s At 22 207

EAGIES

o] ST — e
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[ e S e | |
|G (SEVS A ) Grvsac) | |

T
KA

E1 WRER
L ISRATLER R B

N T IRAWI AL E R W5 DR N AE a3, A SCHE B CiteSpace B SR SCHR T 07 12
(Chen,2006) """, %} Web of Science ¥ 1 H1 AOMI I ST AT T 0l WAL 0 #1520, ZEAB A SCHikAG:
FRMGIN AT B E T 5 530 3 A OG0 S B IR MR B | DU DR AG: 28 45 2R A A 1R IR 5C
M, 60 5 . “ algorithm ™ F1 “ consumer attitude ” ; “ algorithm ” Fl “ decision making” ; £ & Business
Economics , Psychology . Computer Science F1 Behavioral Sciences 2851 3= @1 SCHk I , K22 H 2000 4F 1
H—2023 4 6 J IR RS BEAR DG 3C, ZE AR o 0 1) 508 23 B08 SCMERIR . SRR XL E S
HRAE A B 478 AN 28 04T N 00 18, R B S AIHERR 17 o¢ TR AR AR B () SO | B 80 615 1
FASCSCIRIEAT 1 23 H

TEFEAT WAL 73BT Z BT, AR SCH e X SCHR A AR B2 & SCHdEAT 120 M (Jn1&T 2 i ) o J— F 0
) 2 SCRCE R 2 | 2 AT A BT BT BR (R A BMRRE,2022) 7 42RO, I 2019 4R TT
Iy, SRS AP TE S8 B IR ER, 2 R HU Ky 3 (i L5/ R® 9 0.867), iX—
ARAL AT RERE AU T AN T BE D SR A LR A D, IR B DR 4 AU 3375 4 1
FHASAGEE ik i SR T B 2Tl e . B, B S RO BE AU T 27 AR B0k — R
RGN 5 LA A Y SE I HLE B ARG

N T D PR AR 7R X BE SR Z (8] 5 | O R AN G B R) & a#e, T — 20 iU BIESE A i
FEAEILAR A SCE SEIE ] CiteSpace BRPFHEAT ISR 2L B0 A 45 2 11K 2% 8 5L S B R P S B4R
(A 3 JrzR ) AR BEAT SCBRIE A 5 | o3 BT 240 17 9 5 S S B R Al (AN 8T 4 Firs ) o KB A)
WS RS R, A DG SRR AR A v 1 D ) 38 S Bt 1 RS SRR A ) B SR AEA
OoME ARG SR QU N 1520 g B 3 B2 T & 156 45 1,251 25 CHK R AR 1Y OC B i) 3
R4, “ N THBE artificial intelligence” “ 520 impact” “ K40 adoption” “ {5 AT trust” 85 & F 0] X ]
AR UROR, HLS AL SO R | SR B TR AR DG STk v 28 2L W] H B, OF HoAY = S A M 224
FH o AR o (1 HE 3 | Skl B R TR AT IR . Loge %7 (2019) VR T IR ML,
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BIAAT TSR i) TS SRR R e ORISR N I, P 4 SRR ik 5 Bk 25 8 U ) A% SRR,
WXL T IA S B R FSCHR R [ 2019 AFROAE S, #Z 2023 4F 10 HiIZH e AR5
A5 R AR 918 Ik, JJageftsede it 1745 %

% 160 - [ RREGE e (kB
N 140 139

120

100 R?=0.867

80 71

2 HBREEESEMRNEAREE(2000—2023 £)

system
: P——
slgorithm
machine learning performance Prahl A (2017)
sociaimea (NOdel \user acceptance W (2020)
Behavior e
e Jechoology nformation technology Dietvorst BJ (2015) parseuraman A G018
impect o eperionce Bigman YE (2018)
stinude PACt adoption interet Yoomans M (2019)
auny Bercoptio Dietvorst BJ (2018)
anlﬂclal intelligence
gement Acceptance chelenoe Logg JM (2019) Leommaonny
biss N ramework 1
automation  chajee Tormmer e Castelo N (2019) oo
optmizaton ongon
@ohoction Arust 1€ (2019) Glikson E (2020)
ok . " c¢ Hof KA (2015)
decision making Oevenpent 7 (2030 Cohen J. (2013)
algorithm aversion
people
aversion
& Sl 3ok sz it 4 A & it
B3 HEFEESEXERLNEEL B4 rEtHas Eiig

AN AR SRR A B ) S o PR HEAT TR BRIGE T (AN 1 TR ) o e A OC B ) A 4
“FRA model” (JHIYK 96) FI“ N THfE artificial intelligence” (SRR 84) , X & B 57 ok Bk o —
Fofr e 2 ) N TR BE RO RO A, e SRR TRIRL M RN Y . 53 8b, “ AR AT trust” VB — 4> 5C
BRSSO DOk A (5 AR RURE B, o g A E B (B 51) o LA K3l 9 5 47 g i 1] 4
KA TS “ RGN adoption” “ FH F14%3Z user acceptance” “ LR decision making” “47°4 behavior” “ 1
$ choice” 55, TENT R RERY LT R T, X SEOCHE A S e T WSS O S 7 5 Sk B sh Al
AR S AT B

1 HEERESERM ARSI
H 4 K SN2 F i X
1 96 0.11 2003 model
2 84 0.08 2019 artificial intelligence
3 52 0.07 2001 algonithm
4 51 0.12 2005 trust
5 38 0.57 2005 adoption
6 33 0.13 2010 information
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sk
#4 9K B N S
7 32 0.23 2005 technology
8 32 0.1 2011 information technology
9 31 0. 08 2012 user acceptance
10 29 0.16 2015 decision making
11 28 0.1 2020 algorithm aversion
12 27 0.05 2008 acceptance
13 27 0.03 2010 perception
14 25 0.07 2005 performance
15 22 0.07 2010 intention
16 20 0.03 2011 behavior
17 18 0.02 2016 preference
18 17 0.25 2005 technology adoption
19 17 0.16 2010 management
20 14 0.28 2010 choice

e AR G S — S A LB AR TR 1O K/, SR A 1 € (V) = Sy (i) , FEAFRER, 60T
VOB OB 4 RS XA Bt W01y AR 20 Ui e
T # R AN (5] o ] B B Rk A LA 7 U i e A OGS A, A 0 S i 1)
PEATYNTE ] 510 347, B “ Time Zone ™ B DX 00 25 W 151 J5 v (ANIEL 5 778 ), S A HE A #6375 T2
FAFILAR . 2000—2023 AFWIIR] , Z SR IEIT I =AW B R SR K GS STk R IR R B A

advice
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T e
simi
fou aversion ]":,l N
recommender system o
decision-making automation
P algorithm aversion
".:.9' Z mhb"
*por forecasting
s ) attitude
ie ‘machine learning
rket. impact artificial intelligence
innovation g:mvip&lon
q:'mm‘ ( mlﬂoﬂ making
consumer ntion
technology adoption (Jiformation
kt;ptlmlmtlon w« acceptance
technology
tem
a
electronic model
cconsumer choice
consumer behavior
strategy
iristics
m
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2000 2005 2010 2015 2020

B 5 HEEERSEXEIRNNXEE

1. EERIAREMER

£ 2000—2004 AFIIIR], WEFE T BOE IR AR 2 18, SRR TR AR S T 55 TAPERE R
BVEE , BFFEE 1800 T TR A S R AL . BN, Grove 45 (2000) 3 1 I PR 47
TRT ASEARFRAICIINT , A BUSTIR I B B P-4 HO I PR BT 5 29 10% o B Be Y D SE b 4
P BRE SRR B SONHIRIZS I, DL T I 2B S ROBT BOR RO 2 e . BRI AL, T 9
FORF LA —Fh - L 52 9209 A SRR P J7 587 (Dzindolet 55,2002) 0 WA 336 B T 4
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AIRIIR IS B SRR AR I DL o 3R O DB T P R B A A R ) | O e SR AR
P BEE T Al

2. N\LREREHE

£ 2005—2015 AFIMH], 22 F T Z#T VR BN FOE A MU —FhHOR TR B XA 935 17 flk
KA ER R R ARSI, I 0 X SRR T RS B, R A X AR A B A S
45 SRR M BEAEE (Onkal 25,2009 ; Madhavan Fl Wiegmann ,2007"2)) | X FMEAE(EE S BUN T #H A
e 1k 18 1Y ( Madhavan Fil Wiegmann, 2007 ) 12! 3% — ¥ 4 9 F% o0 8 15 IR % ( Dietvorst 45
2015) % FEK—B B BESIR R TR AR (T S B R B SORTRI IR (BT DR
it Al GEERR) R DOR R DL, IR R SRR G FRHEAT TR, R fEAETE R
ML B R ESEHLHI T 4R 32 3 56 1 (Hoff F11 Bashir,2015) ') #E 8 — B BRIHE AT 558 8 22 ] 14
KA,

L.EHESERRMER

2016—2023 4F  BHE T BITRA 278 AT 10 1 F00Rs it >k eAc s T8 9 3 OS2 g el s S5k
AR RS R T W , I, Cadario 55 (2021) M ZE W IR SE 00 S AP b 4 B, 488wl 30 1k e 3
b TR A AT B AR T AR I A TR Bk B 7 I 55 B R I . A AR SE 4 SR s | T 9 X SR A
KA T RS AR AR S5 T RS2 AR AT . BN, Logg %5 (2019) 'V &3, Peifi % %
FRAE A DO AT ] TARE SR A R N ABRAAG T4 2R . R, X — BB it ss &
BNMEAEY RRBIAT R, Fan, b E XTSRRI SRS T, T 2% 8 T 2 W S A () D) )
4= i ( Longoni A1 Cian ,202211% ; Wien F1 Peluso,2021 [16ly

= WL EAER PRV HESE B D) T R PR

1. EEEENE X

SRR RECE R AR 26, Hoe SR R JR B AS ] 1Y) 24 5 12 1 ( Castelo 45,2019 ; Dietvorst
45,2015 5 Araujo 45,2020 ), B RWRIT PO R MR, R SORE B 10 R AR R SRS O
(1) ZEPRREAFE ; (2) BT HNEGHE LA (3) Ashil; (4) TR L B H A5,

BIREEIR R T AT 5 T AN SEARZBE S FEE, ARG EESANGEE, W5
M R SRR VS FEZ WY K, HE SO0 B2 5 g —Fl AR 55 (Rotter, 1971) )
Rk 23228 SCHY IR 305 E A AR B RRIE” ( Cook T Wall, 1980) 1" & Ji& 25 A B ¢ & )24 1
( Lewis #1 Weigert ,1985) R = Mayer 55 (1995) AR A PG AT AR R R R T 0 X
“— 7 B2 BN ) — T AT SRS R T AN 2 DR B O — TR . X SO ST
AR IR T N5 NZ BRI E S, air% BN TR BE (R AEEE ) SFHOR T mMFEIE, #ENTH
lﬂﬁi)\(Tj\XﬂL Q ﬁfk&ﬁﬂ"]{%{f( trust in automation) 5 EI]“ *ﬁﬁ%lﬂﬁ%%lﬂ%%g ,U\ﬂ‘?ﬂ‘%
BT A6 % 76 ELAT S B o M 0 G 55 M 1% 00 R 5 B S B H BR” (Hoff F1 Bashir, 2015 ; Lee Al
See,2004 %)

AR5 ST AT A R AL B =Nk i 0 WA 48 TR AR AR Z (F AR 80T . Bk
FHERRET HE WA TEENEER, ZFE AR AL &R, HIK, ZFE LA H
FRPATIXTAE S5 B BB, XT38 X A S MLIE & I5 T B 9 ik 52 % 1R B s,
RJE TS L B AN E PR, 55 R R YR Sk 2 ST b MER P 5 T AR e 5 T T
PRFN B A B R (R B AR 2520, 2021 ) 0 S 5t 5 B 7Y 2% & B AV 0k A o
RN R, A LL BT th T AR B A S B RS A S ARF AR
SR AR IV AR F R
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FRAGAE5id B ARG AU AR R R Z AT 5k i R AN BAsimiiaeit, 5Bk
BRI SRR, IR BB IEdE SR ZEAS RS o Bk G R AN, HAz
NS BN Tt B 140, 7 Reich %5 (2023) 1 Ay 5286 v 2 5 F e mtial N h AN ST
7 B PN 45 SR AR S AN SR A I A SR X R el W LATE A ROR N T BR Y 2 T R A
( Hoff FlI Bashir,2015) "' | [A]f, Hoff I Bashir(2015) "™ tufi th  fEAT M e — A sh & &, 24
AT AR 20 015 B (SRS A BRI AR b, Rt 7ESRE R AT I 4 B v BARF AT T B
AT INAE 2% , AT B BN TR B E A B 51, 00 % IR IS 5 A Bt B AR 1 2 S A
1, A SGAFI RS SN T R A 5

2. EREENMREERNEBXR

TE B S A B AR A S A S A M A S Al b, A SO B ORI AG AR AE N —Fh S B G| kAT R
ISNHL, X ST A B G 502 X THRGEERA ZH2mE R NGS5 g AL F1E
FHB P FE S 2L, 7% SCAE % Marsh A1 Dibben (2003 ) ™ M5 848 AR A8 5 41 30 43 1 =4~ )2
W, B ] P45 AT ( dispositional trust) %355 {5 4T ( situational trust ) F12J 15445 4T (learned trust) , /£
FENT AR AEHE LR A AT (W 6 o) o i i) P A5 AT 48 MR B A (5 AR BURF AT (9.0 B
[r] BN A BT A7 450 15 AT ) 155 e 2 R W 1 T, 5 A 0000 o) AR A0 1575 B e R A7 ) 8 5 I AR AT 2 1
Yo ELL A

4 BT

et -
FkftE T
i

El6 HESENEIMIER
VE S AR AR I 0 s M 1R FE B0 s S R R L B B 0 B A Ao A it A P A s I

ARG AT = R HEAAH =AM . 1 50, A ™ 58 (2022) P RS P IR R ik |
N SEERER FF NP Hoff 1 Bashir (2015) ) #2140 & = 2K A5 B 3h Ak A5 1T HE 248 1
MERLRG H s, HR, Ao O« Eahk B85 s B 80 g o sl 6 iR
FERYH A (Lee 1 See,2004) ) i 432k % 38 aof T 5 2% > B30 A0 KB4 o0 M o A Bk R 46
WKAE, PRIt AT LK S N B 2 Br AR O i F Sh AR B, B SOk R A R s,
WEFE R3],/ 22 340 0 B WU 45 wP il W AT 380395 O AR A5 AT 00 1) =8 B0 1 360 N T RE A S 6 A5
255 2% ( Dietvorst % ,2015 5 Onkal % ,2009'""") . X FhES B A & LA A AR 2 568
FERE AR T AR B AR AT . TR 2R B SEREAE SR T, 2 E AT A B A TN R
2 B AR AT K T LA &0 38 5 P S0 IR A5 A0 08 17 B2 T ( Castelo %5,2019) M 3k Fft e A8 ] LA
B ANATR R IS R A5 AR S B 0 G, Ak, 2155 R B A2 78 T 00 JAR T i
5T (Logg 25,2019) 1 AT LLFE A B 1927 > FR o 8 Rl Mo 1) 4 {5 AT, W i S AT o Hp 4 e 2k
SR ( Chua 45,2023) 7 ISR B9 — e fbad BBt — A 0 T 8L S BN sh 251k,
W R = JRAT AT AT )2 W S5 A Ak, BB A% T AT Bl R 0 HE RV A A 0 ) LR RS L 20 A5 T AR

X = RG22 ] 18 5 ¢ RAR IO A B2 JEFEVER A AR R e, HA FEA
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PE TR RS X — R A BRI 8 & AR U O G2 e
fif . PGSR R R TR, 1 5 AT P LA S0k A8 B A P i P B R (Pearson %5,2019) 7 1
S (8 R P T N T - = ) e et RS - A R S = RE SR e R S E U
XFPEATEAZ T A BT, R ME LA A0 ] P (5 AT e AE 1 R AR Ak, H BB A% 3 3o 12 e A ik AR B B
BE S E R AL B & T, IBGEEE T SRR m e as, 7Yk,
PEAE AT IR AR T BT A I A 425 ( Marsh F1 Dibben ,2003) ') {H% & 5] A 5
SR S RIS G FR | #E 38 B R R P 04 (5 AT AR B 1T B 2 Bl G R 1) SIS BB 1T 8 ( Reich
45,2023) P WSS EAN TR TG AT A 0 bR ST A5 N Bh A5 S 15 Wi I AR AT 3R 7 S A kit
1128 B2 54T, 32 2 P e 38 AR s2 AN 6] 00 S AT, 9146 S AR E AR R BN AW 2
BT, H SRR X E T 5 SRR 22K SEEH O (IEEE) B2 55
BEARE (IEBEEAT) . shAS I ERN e 122 B B P s AR A T 28 1k, 2 2B RN R 4
(R UF IR A S ( Hoff AT Bashir,2015) 1 BB — 2 A B A > 1505 4T T LAHE FH P A9 53035 O D A
[ A A5 S SR TR B A )

.EEEEAHNEMISREREKIEILIESR

IR S B AT R R RT , A WIS R P4 B X 45 T b e g AL 1 SR
{EFAHIE AT (Komiak 1 Benbasat,2006) ™! I AT 48 XA HLA A9 S0 sl ] 20 19450, i
T A5 AR ) 32 22 3 T A JESZ |, 1 S50 BN 8 28 BUAH X 21l 37 ( Johnson 1 Grayson ,2005 ) 7]
7 R A S sEBFSE T Madhavan F1 Wiegmann (2007 ) 12 5% 5 Ja 1 ] 554 AH DG 190
BAERMRH PP F ML B RNERIEZ R K TAT 55 AN E LS 1520, Castelo
25(2019) VU UERA T AT S5, T A BT A R B A SO 5 S GA RIS AT ) i T
RANFIEGE A MIAE EWE S5 b, T R R (A AT ) |V 90 5 B 2 SR IO A 2 1SIT A J2
L, R, T 2 AR SRR A AR PG T RE B M, PR T DR AR I T O RE R
PERHERE , 02 3006 = SR M E AR, T 9% 38 S T BB 01 B M5 AT R4 S B N T HE 7 ( Longoni 1
Cian,2022) ") SRR BEAIL T B9 X 4348 I T DA ) 5 2 B A R 0714 2l 5 % B0k O 25 B AT
PR,

BT LA LA AR AT E T A B M BB R AT S (0 DA A5 SR AR T U O 22 b 3 17 9%
BN AR GG R B 4 3K % 1 RO N T ASE AR 38 v AT T e 5 3 8 o 4 R b n T 7
2R RO T A B I T (Shin, 20215 Shi 46 ,20217220) | RN TP | Bk HAE TR B
oT808 28k iR & Ho 3L T #0800 ( Chaiken, 1980 ; Evans Hl Stanovich,2013*) o JE4E 3k, ##
2B 5 T AT IR S T AT AE 5 55925 A0 52 T P x5 B T A B o R e 0 A e
(Aw %,2023% ; Yun %5 ,2021°%) SR, AT 5 B2 057125 B A REAIL AR 14 R G v, e 3L
2 X PRI T 7 SR G AR B, PR, AR SR A T A AR o T A 28 Ay Sl 1 B VL R AT
FIEHERE

FEASCHE M FEEAEAE R g b, BAR RPN T 07 =Gl F L [FE AR  (ER )2 W B A5 A6 o
T 7 SIS B A T AN A o) P A5 2 AR M L 1) 75 B T 428, 26 A 38 10 BRARRAIF 5
FEE NSRRI G AT o I B A5 1 0 PRSP R 2538 8 56 1Y R AR A I AR 36 7 AR AR A, I
A PR 2 ) v g PR o ) AS TR AR T AR TR A T =X, 9, 032 % g TR v 2 AR S 0 B
f A AR DR A 224 P i X Rk i 2 A8 L, TR R ENS e sl o A I ) 2 A B T
(Reber,1989) "7 s X AN [T 45 A7 iy , 15 2% 4 th 28 % i i DAL BRI BT R S S AR B0k, i —2t
AMEBERIE R ZE A T LL3E % AR 2 A e, 5 R P R IR N o 9 ARl N Ak Y R B A
TR AT PR IBE 2R 80, DA T Uk 55 X 5809 A AR HEJ: ( Wien AT Peluso,2021) 107 I #5345
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ARSI 5 AR 22 S R IR [ 250 b, 0006 I A5 AR TR Lk FH P i 2 i 2 3 AR I 53
IEFIRE , X — i e B AR IR AL A 2 R 5 A B, T 3h 25 ) AR AL 7 2R T 5 3A R s B E
AR, X R, AP SRR T RN T R Bk 0 SR A A 1 AP EATTAR
AFER A FEAREILFEE A, B A R0 B B AT S,

(LN APREYERIBEZLO| S E S AR K

S TR SCH SR R ENSHESE ARSI A E FA R AL =2 R R RAERE 1, 998 545 pt e
XA NP ZR J30E P 2R LR HABAUAL 25 AF R 45 28, A1) S I T P S (ALl e e, LA 58
R FR R AR (NP 7 FR) o ASSCLAA DI AR i A (Burton 1 Jensen ,2020) ) H =5
{RAEA ESE W A 5 IRA AT T SR AR AR B s R AN Sh A5 B sl RE Ry A8 R i AL &
(BEE

I ey [ B (N B I
V] D EMER AR | : PSR R : : Co
A N : AR 5 L A
Ll R ! B ; o REAEE L
| ik I ; EERIGET ; T
0 R I I P10 S N | ]
: I""""""""": ___________ . r------- I ___________________________ y _________ I
oo SHRRME | PREEGE | RACRGE : L HBIR :
|1 ARSHEERE Ew | ene | AR | T T
| wE kT PoEATE L IREPERE e i |
N ; S ONTANE 2 S IR G EtE - S
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e 3 O |$ S |
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1. i EEE

i 1] P AR A B A A PR 3R g IMARRAAE AR AR AR i SR B ), ik S7. T PR 858 HARXS ARE

(1) CBRAFEFAAS R, FEAFHLUT LA T

1) )3 &2 (heuristic ) o 14 2% & 0 FEIEA ] P45 AR 19 — P 22 90 08 & UG O BRARAE , B35
AR E AR DGR R 1Y OGRS IR AT A5 BE A D8 B — B WL A 19 Ui %5 ( Gunaratne 45
2018) ). Gunaratne %5 (2018 ) ' ¥E—TRLLLB ARAE & B9 5286 v | & I VL 4R H A 08 L A £
( crowdsourced advice) #&H B BCE A VLR 11, B2 5 & R BEAER L8 5 T R H XS (5
ZWEE RDRIC SR ) o A, 08 R AR R A AR 12 %5 BBt il TR, =
5535 W AR ERGN FE LE A A BOR IR A F R 33X S e 1 2 3 T R Sk R R R R &
[F) A TE 4 Rl ok SR I 5 v, 6 N TR BE 00 W) 1A S B B ) 2 5 3 0k B A R SR 0 AR AT
(Chua % ,2023) 70 SXRhELSEAY | 8 T 00 17 8m T3k A2 o S e T 9 9 X A 1 i & 5X
(LN

2) FFcHE . FERZ AP T B b R AR H5 5T ( Big Five Inventory, BFI) #) V2%, 2
F5 .4 55 HF P (openness ) . /R Bt P ( conscientiousness ) | b [1] P (extraversion ) | 3% F1 1
(agreeableness) #H1%5 Ji ( neuroticism ) ( Roccas 25,2002 ) 101 Hivh | 2256 TF ok T4 s 1A 4 1)
A B AR B PR RS . Oksanen 45(2020) Y (545 SR W], 90 P M2 i) N T3
REAR AT — AN EZH K 2, Sindermann 55 (2022) ' 478 1 o [ 52 303 9 FF BCHE AR B 5 LT
RESEZ MBI 5 . Sharan Fl Romano (2020) " f I LG HEAT T A e, 418 3 HAT 5w 7K
A1) P AR BB PR A B £ PEURTEAIR, Sy BB o 3 Al pl AR 52 Ml F 06 [ A5 A 95 R 17 SR
bR BEAAT A T B2 AT E I, W2 8

3) M. SR BRI SRR EE P H . Hoh, Hofstede (1984) ™ SOk HEHE A o Y
AN SORIBE MR T2 SC28 % BT O i e R e 2 AR AT IR T (Rau 55,2009 ; Lin 45,20237)
B AR T N 3 SRR A A | e AR A T AR AR TR . TRt AT A B e S T ey
fr (Rau 45,2009) "7 2Rl , 56 [ A9 32 SCAE BT 5 B9 MRS o , 24Pk Ak bl Z R, 96
N B35 4 R R B 12 T A 3 SUABTIE 1A EBE N (L 25,2023 ) 10

(2) NAGETHHERIE, FEAFELIT LA .

1) 4EIE 4RI 2T Y 22 5 S BOH 98 8 X0 SR HOR S AN [F) 1) PR A S B2, i T — TR R
[l B ) £ B8 (N = 53314) , WF 58 & S0 AF I8 70 55005 HE 1 09 VAR BT [ a0 {5 AT 0 A A 35 22 5%
(Thurman % ,2019) "7 . ML AN Gt AR 00 2 4 50 75 BRI IR 1 S PR AL HERZ AU BT 8], Lourengo 55
(2020) " FE—IFSTUERF I P UE B, 7E A SRR R A B0 T, 84708 B X8 A sh ik T 2 A4
T BN E AR TR S . SEOX — 1 B S 22 57 04 S R U 5 2248 A%l UK
B, TOi: PR Sk DX — R R AR OG

2)HHE KN . BEAEXS GRS S IEAIARI R R . A E IR,
N FCF AR, M AT X 595 (1 3o A e 45 SRR B A KA IR (Logg 47,2019 ; Thurman 45,
201970) o MINENAR BET 28058 AR ST R 558 e 10 AR AR X 3 1 v 1 4 8 2 by X R 2 S P R A
AT NN PR A IS B 45 5 ( Castelo 2023 ) M7

2. BEERE

RGP A5 AT 04 i A PR 3R BB A S el T 21 5 00 0 A5 B {EL 3k b BE A fli 1] 23 AR 4l 17 B 2 R AT
JERE B R EAT = 4EHESR T A SRR AT . I BER R S R NS i (3217 58 52 0 (> A0 BRDIR S ) AN
HPEREREE R R o 5 00 ) P A A i I AR AR AN [ 15 B 45 A 1 PN P PR 3R 2 A A A (A
1155 REESSRIR SRR ) T EAT Y 00, o B 0 1) P A5 A 0 v 9 28 3 7 0 430l B fm 2
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(“BHRANHTE ") MAEA AT TEEEREAR, SRR = W o BRI B A ™ S 4 S FAE:
F e Z TS

(1) NEBHZE , EZAELLT =0T .

1) FREfE N, TEZag st BMETER R B 00 T I 2 WA S R T
SR AR 22 TR BRI, AT PT RE TS 220 SR A v aff 1) 15 SR T B b T A8 S G iy e . FE RS
i N, Zhu %6 (2022) PR T —IRAELRSLEG K BRBENL A M AL — AL AE R TERE A ST R E Y
HAHLA R ERFEUE ) — TG RANIAG S5 TR0, 475 R e PR i, T4 238 0 ] ek
PR, RV A R RA R e (5 8 .

2) B AGEEE , BRI &I, AR T B, AR A BGRAE 55 FO A P i i A28
L R FE 1 2 52 W B AR AT, T NAVTRT B30 1) S 2 R R U B 22 19 g DA 28 s o 2 T 1Y) i
(DLFSCR I THEAR R RSS ) . 5RO A IE BEAE BT SO B | 8 T AL S B R 1S
TN T, B GR N ZR BEAE A YIS T, DR It AR A 3032 ( Yun 45,2021) P T 2% GR AL
WeARIE B R (SR BT &, AN, 3 2 DA B P 3 08 947 o 5 | = B Rk e A 1 4 i SR )
F9 T, DA 156 45 0 A 4 ( Thurman %5,2019) M7

3) HIRELRERR, HEMEIART, A R T AR T A O X Pl AR (50, AR
SRR S 2 P BOH P B AR A T . T SCTRAR ] PR AR AT 7 52 i) PR 2% v i R AT 5 R A AR B ¥
DMEAESRRIHERE . SR I AR IR IS B A i As fk . Blan, 6 — D2 R Sy St g
HAE N AR R AR, RN AR A KIS B C A B MU IE B A B2 (Ho %6 ,2005) Y,
FELR [ Tk At e A S AT LA A B B RA B 5 2 ( Boerman 25,2021 ) ' JABFFISE 5
SRS S UE W AE 2 7 3R AL AR 0 I B AR e OE AR F TSI AR LS 2248 ( Arvaujo AF,
2020) "7,

(2) kit RGN =AJrmE .

1) BB, Sk < BB RLN” BRE H P JCHE T ST ) T 5 04 4 B R RN B
( Castelvecchi, 2016) ™' | PRIt , #5512k 925 1) 38 JE 4040 P P S S0k A AT O i, o T IR X —
M, Yeomans 45 (2019) OB B L 5 N T R G T LA, 45 HE 2 W], B AR B0k o 2 A i ) i
DRE Bk o, 2 5 28 ) FHEZa S, MiAED) s T Bk A TAEM MRS , 2 S Bk
BIAY EL BB R, 64k, Cadario %5 (2021 ) W FE—THSE ML 525 (289K ) FRRI A 4 b s SR g6 iF
TR RERL R A RS AR AT AR . L RS D 32 WY R ) T I 5 4R v 3 OB ke BRI
M IEAE AT

)BT, BAENES SHEIBESRE AT MG, —FBLE BB AR
N A5 8 A TR B 053 U ( Ztotowski 25 ,2017) ) 0 MAEAT 55 b A B BRI, A
T4 X Bk 7 A B R AU A AN AT 8% ( Prahl 1 Van Swol ,2021) %7 Six— 15 Eom Tk AN, 25
PR FR Y AT DALE AT TR B B b 7 o SRk ) D, NI B (54, Ban, 4 AT RAX
LT A 25 SRR AT A BRAB SR, Al T A5 AT 3k 2 R B R BUE £ ( Dietvorst %,2018) 7 X Fjri
AP AT LU SRE 403 VAR €8 04 £ BE R 3 A, BVRL IR AR DS vh i i SR F R M R i 2 s A f £, %
SRR i I R e O T AR N D SR A R A I, AT A M E AT T e S 1R B
( Longoni £ Cian,2022) ")

3N, AL 2 E AR A B RS2 i RS — 2, — i, A S ARHIE Ry 55
TR U N2 5 5 2 T R b 23 00 R ORI IR 2R (BB R 2 RRAE ,2022) W) DA 348 o ket 5
P42 B (Wien Fl1 Peluso, 2021 ; Aw 452023 ; Qiu HI Benbasat,2009"°%") _ 4Kifij, %5 —J5 Ifi
A o E X AL A B Bl s 51 R R 4¥ 7 (uncanny valley ) (19 S /E I ( Arsenyan FI
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Mirowska,2021) ™ 2k T AU AL P BE (4 G0 T84 FH , 2 DA R B 3 — A B HH R« R
TR . RIS IR 5 B2 R I IR BE 0 AN SR A W W3 26 3 AT LA A% fin 33 1k
TE VAT 55 (4 ( Castelo %5 ,2019) 1 0 288k, Feie 56 T AN TR BE MR 500, SHLAL AT
FUEZE Y AT AH L, B8 Y AT 38 3o 93 % o5t 25 19 BRI 46 o oi 45 4 DA T 38 7 2% ( Schepers 5%,
2022) 0 IR, R T ER R A M B AR AT B OC R R 2 B SRR 0 BRI LA 2 B
AN

(3) HERE 7 A RRAIE . 7R 75 5 U, 5302 T 2 DU PR AR A A A I R AL 2% AR 5518 2 3
PRI 772 i A DG A T B 722 B XM BRI SR AR AR A 52 e 143 DG . AL T 9 8 2 TR R X R 28
TURY 7 i R A G BB 0 R 25 B P RE A I 2 11 FR 5 SR EA 0 | R 7T 7 A AN TR 25

D ARBITEE 5 TR AT O SRR, T 2 o B O 4 o SR 4 7 Y B3 MR AR R AE
P E D 77 i (R4 € AR ,2020) Y BR TSR AR RE ) B DA A AT, ICRR R S AL T B
A RSHIUBRA ™ i ) Dl e+ 200 Bl T SCAT v (RO TR ) R AR (A 7™ ol B 7R R AR T B
B (BN, 24 2 38 A AR A5 A AT P 5 ) AT B A A NS 55 3 7 Y (Granulo AF,
2021) %

2) DAL= S HER (VS 248 ) o BRI 45 A 5 AR 1H 9% (hedonic consumption ) 13 FI] 7 2%
(utilitarian consumption ) JEVERR RS, R T SR R SR B S sl S A B BRI B A 3L
P, IR X SR BN RE F1 BN R AL FE 25 S ( Longoni 1 Cian,2022) "), Wien il Peluso(2021) ' fiy
SRR S D A B i RN AR IR S5 AT 85, LT AL, 76 i i % IR S i i
i R B i E MR T REME R, N TR BB I AR — R MR AT 1 3 = 1Y % il 22 (Ruan
Hl Mezei,2022) 1

)R (VS &5 o BRI W6 1L 3K Fi 25 S i i — 2L 20 Wb v X HE o i A 73
AR S B 55 (ARAT2548 VHAL) , 5027 i 24 FA TE 2218 6 5 A BEAR 4 b 37t JHL o
(1 S i AR 5 (WA T K (Franke 55,2004) 1 7ETH 2% 5 7R WI8R A RTHE T, X 5 7 44
FRIST= B2 B iR ( Zha 45 ,2022) 700 iR 3 SORBH A48 2R3 9 249 A DB 3, BV 3E T 2
AT H B, JFRGEA R H iR ST A, . PRI 36T 505 AT 00 1075 & 7] LUR4F 8 783X —
R THEEEERR,

(O MEFHHE, FEASELI AT «

1) ZWME . AT 55 32 S A 455 AT S A R AT 8 00 < S, T 32 004 55 DU 0 100 e R R B A
N LB B 94T 55 ( Castelo %5,2019) 1 FEAT 55 % WL 5 o B, AT 3303k ) B ol ] ik
HAF O, 6 R B B & N HIE AT (Johnson Al Grayson,2005) SO X R RObE RS
TH 53 5 SN Tt R AT IR, PRI, 76 SE 0 F P, Castelo % (2019) U 18 28 Y 3£ AT 45 19 %
MR, B4 T AR R R A ARG . BRBEIZBISY, Logg % (2019) 'Vl Reich % (2023 ) 7EA
[) SR AT 55 R B rh WIAIE 1 2 1 E R 2 5 BOEAT: 55 I X Sk A (R ARSI

2) S XURS: o TR RN XL G 2 4 T B A A U IR R b e XU R B Y S WL UA T ( Dietvorst A1
Bharti,2020) %', Chua % (2023 ) %7 i iof — 21 ph A g5 106 DG 9 B S5 000 G A 552 0, TE 29 A f
PEBARI A1) P A B S R LR 2 5 38 32 A s A i, SR, 24 D SR A 1 PR3
i, A R REEA R 2 5 E 2 By @il X R 1Em KO, ATE K
TR AT R A PSR, A | IXURS: 9 B 2 1 2 Bt 0 B AR A 2 AR S, R 18 8 XU 1
ST (AngE 2R A © R0 ELAR [R) A0 v XU R SR e 6 ) T 9% 3 0 B0k T F B 495 R A0 45 A R 2 1
( Farjam,2019) %)
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3.IR/ER

MJAHEAL AT SR Bk (BON AT A B ) AHOCHY i 22 856, W 43 W) A 1 2 >0 RN A8 Bk A v
MBS o WA TAHEAE AR I S T A B gl e 5 T 2 i 2 B 5l 2 > | 3% [W] 17 SC ) R
AR o) PR A AR AN S B AR AT, 2 22T 2 5 1 SO N S B i 22 B 7, mish 25 0 13 2 — &2 |
FUR

(D WIRAITG . FEASELI AT «

D) FRBGREE . BRI RIS AR AT 55 M BR LR 456 ( Castelo 57,2019) M il
i R BE (IR SR S R B S, 5 BRSSP i AR A ] X MR R S
PSR ES . RIS B T L 50 F198 ( Epstein, 1994) 1) BTt 2R K WAK RS E T
TR AR . A ZRARYE [ A P 7R R 7 BB (Monin, 2003 ) 7 78 N T REE 41 UL, AL
oyt 2 S LU 9 TR Je il i M K 28 D13 M it P D EA T S PR AR DR IS T SR E R T A R
I (R R B A5 AT R (S PE AR AR ( Gai 1 Klesse,2019) 17

2) BRERESRE, 5 AAGIHRHIE P R EE R E R E A s %/ﬁ%%( algorithmic literacy ) il & F
AT BRI AR AN TR BRI . AR R TE R IR A A T BT P o 33
ZE LRI ER | T U R Bh 194 BRI ( Burton i Jensen,2020) 7% AL R AR AR T
AR = B B Bl Gt AR R IR, 25 5 DAA S SE A ok ARG R FR B, DT 2R B R AR AT
B INAUINT A RE S R G 52, B4, Onkal %5 (2009) ' RS2 Y , 5 4 0 TN AN 28 55 40
KU~ AT RS R R B e, DRI R Tl 2 2 4 ) R U B A 8 v S0 ) a0, R Bk
PR AT, Prahl 1 Van Swol (2017 ) 3 i Z& UL i S 9 BE 804 52 4598, 18 2 4k D 1t Bt
N ARSFIRORBA 7 ] TR AL

(2) B AR N, IR 5 E SRR R DIAROC I 58 F R EBGA AN T
PR BT SE R IR B0, 2 A 5 AR B v A AR R TSR

1) HERRPE . SRR LA R AR R 52 B I B2 P R A9 520, A F000 4T 55 9 AS 0 P el 13 ) P S T
RETEAC O R BRI A HERR & 28 . BETARATAUM , ATl B 0 TR R G Rr A 58 2 mim B,
SR RIS E R S UT 555 W T 2 5 3 (W15 8138 ( Glikson F1 Woolley ,2020) 7, i, 2 5
FAE—TUNAT 55 o, RS0 1 A 22 i 0 1] 5 AT 550925 (9 B0 ( Prahl A1 Van Swol ,2017) 1% A4
AT S “REARE () 2 S, ok A TS HL A T IR 2R b A 288 A R 3T R A
( Dietvorst %5 ,2015") ; Prahl Fl Van Swol ,2017'%")

2) Rist, BIFTE A B, ETH 9l S A A SR A S IR A RO T B I, AR — PSSR R Y
H SIS R APERTE 40 Fe b R — R T — UORAN By KT B R, AR TN S St S 15
e — NG A T B8 RS I T (5 AR 1 B (Filiz 55,2021) 7Y E 2D Hb A S 5
SRS FL B R A8 ol A B, DA A ] T DL 2o 3 B i AR 56 IE 2 3R (Van Dongen Fll Van
Maanen,2013) ", SXANE S AT LR Z i T, BB AR . RS & 1 RS R B 5
B R ——28 G, T LU AT R B FEIF 00 i BEAE AT, 7R sh A2 72 Pk SE AT A e 1Y
Hi,

3)VEIES AR, RORFEME B T 00 2 2 IR TR RE A A S X B B RO, L J kAR
T, BRAE R BUR T (Dietvorst % ,2015) ) (HEIE Y HLAS 2 20 BE ) B K KBS SRR ER
WG, N T AR UL, Reich 45 (2023 ) 7 1 64T T AL 050, 2 B 45 BE A 1 vh 2
IR EER E R, K, TS = th gl A T — N CHE Y AR 5 2 2 ik, B
JERFE SNSRI R . FR B, MR BRI RN W o] A UESE I B Sy B 5 N2 ) A
(27 2T BE T, NITTARAT 15 NRAY I EAE A
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T SHEBAES AP T A

1. FERIFAFITAN=MIT AR

BTSSR BORI B 2D FAG RORAT T e B R A B B, B3 71l S & AT M i &%
A% Pearson %5 (2019 ) % FE— WU B ] P 5 AT 55 Hh #2815 AT A O (trust bias) , FLIERA T {54
XU R SR AT o ELA 1 BE TR PRI AR SCRMB AT 0 = AN B2 S Jehil, $2 Hh =R S AT AH B AR ]
R AR A B (SR AT , X P AT AR S, T 28 A DB E AR5 i R E AL AR
(R TIERAT AN [F] S22 U B AT Sy« SRR R B SR e P RS e . BRI 37, B BB AT A i, T
PF SRS PN PR SR MI7E A S B A I 00 N 050k, R 78 H B S FRmT 52 T O

(1) BERE . BRI E S eSS PEA LT 0T 2 3 B, B (AL AR AR 53 1k i 55 i xof B vk
102 PR BN A BE R () DA 94T O o ) PE AR AR NS B A5 AR TR AT Z ) R P TR 5 HAT 3L
HEM, Y PR R GBS E SRR, BB RASRA Em P, G, Pt
PUNAL IR AR IR, IF Esh i %2 (R 4k« 4% ,2020[6” ; Hildebrand FI Bergner,ZOZO”ﬂ ), B E
HHAZ FAE2E R (social proof ) , B 25 5 8% b 4 vk U AUR M i3 & XU IR ( Gunaratne 25 ,2018) ™)
7E You 55(2022) " (B 5T h , TC IR S TR FRIL AT , 5 4T 140 2 P R B SR 40 Bk el 1L A%
PFo MBS D HIA B A R A5 A U 32 B T TR G301 e T R L 48 R i e, A7)
JRBSE B KT & W T RE ST, A FEL RS SR AL D AP (B ( Logg %,2019) 1%,

(2) ke #E . B ERRAE YRR TR i Al (kB ) A2 s A 5 (5 A 2
S, T IEREHON TR R DO, AHER T30 IR, Ok I B R Y A 1R
£, RAEREMRAVIRIT AR, AMTA TSRk, MR ENFEESTE
SLARY . B0, 7E Dietvorst 55 (2015) A 5256 rh 4 1202 19000 oA 0 00 VT DA 3R A 90 4 Bl 76
FIEEARR LT — IR 5, B REH(74% ) S 5 E e 7 A0 &, R 4] o il
LR EVEA AR L RTINS E R . O RTRATIY EEOCTERE B R IR SRR F AT A
HEXT T B PSR R M, AN FE NS HERE T A SRR S b P X R AR
AEA g8 25 8 ol At A7 IR 45 2 % 55 ((Logg 5%, 2019'° ; Longoni Al Cian, 2022'"); Thurman %%,
2019°70)

(3) B, 2 P B S B2 P LR HERE AN AR AT A O A8 Wi 25 H B8 A
Ak A W (automated bias) (Chua 5F,2023) 7, S AT LA A S — 455 4 0 DL, 48 24 7T LA
O AR SR N T 5 3R B3 12 6 By 0 8 AT O o RV R e LA BLTE AT R T R 5 R AR
( Dijkstra 55,1998 ) 7" B X SEIRAS B 147 R A AE AP AFF 53, 2 38 11 % B0 Sk e ORI ) O vl 4
(1 DR SR 256 A, LM LA 3 35k o B X B0 (4 i 47 ( Logg %5,2019) 10 i, ZE AR AR it 25
AT 55 b, BRI A E W] (B 14 HAE A ISR i 4 SRAE AL 2 80 1A 7 B it i ) L3
ZARF X B H A RN T R4 ( Gunaratne %5 ,2018) ) AR B T B 51 S B a9 4
7,

2. AR AMER K

FECPRIESE T  BRE RSB P AT IR I DT AN W R E A e S, BARIT & ALk
BRI R DL S ARG o 32, S A 0 o LN 2RS0T O S 2Pk 2, B0
M I LAWY RSN BCR AN F . 3R 2 FIR T I AR K SCHR T A [m] 8142 £ (PR3 KT 3T
Y470 ) B FUE AR EARSE SCo 3k S 15 O AR S AR AR R AR DG e S it 1 I A Dy = A
BACRNS %
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H,ETL ETEAAANHEREEERSENRRITERE

*2 BEEESANKABTLRE T ENNE S &
S ME ¥ % R 0y BN &
Efendi¢ 2 (2020) 17 MG R EFHM( -3 =FEFTEH,3=FEFEH)
& BRI Jago(2019) 17" LT BERIFME S LR ALY
HEmRE Longoni 4 (2019) 1" VE S C AN EE Y
R Longoni%(2019)[m MRS/ EEREFNEZE (1 =HEZ X(AX),
Dl N
Longoni 7 Cian(2022)'") |7T=HE R Y(K %))
Castelo 4 (2010) 1 FEREEARERARXRTRERAELSHER(0=
astelo A% 50 = F A5 4,100 = 4 )
A2 Bk
T %j;%;w: Logg % (2019) ! WESELETRS 55 H BN
Reich 4 (2023) HFHEEEE TS
Longoni # Cian(2022) "’ LWTaEXRNERENEBEER
R Sharan #7 Romano (2020) 7 | 245k 44 &y 5 RE i 4]
o Gunaratne % (2018) 2 HWHSSH L RWE TG RaE,
Sharan 1 Romano(2020) ! | £ %4 5 & F# WA FEHHE
3 y BN BB RN THE(-3=F ¥ FTH,
‘ Efendic4 (2020) 7 I
HE R 3=FFAH
PR Logg % (2019) 1!
Onkal % (2009) " FERARE FABE5H T E N RAE I S A
Prahl 2 Van Swol(2017) ') | fr it 3k 2 9 B9 27 B DL« B WU AT 46 i 1H 3= 1B B 27
You % (2022) 1™

7N EERHIASRIF S e

EA PR T AT BT AR AA AT, IR E 8 F s 551t o
—J7 T, KA VBT LA K S 56 2RI T 1 e I 0 AT 583 ) i e, 3o Aof 35 A T 00 0 ) P £
TR I FHEAL . H— LB ST RIS b i DR 56 2R L] 3~ LB |, 5 Bt — P IR R Mgl A
ATTAEA ) 8 B0 PRI 35 v 2 DR HCO] 930325 A9 40 1 265 P2 A 2 4 PR 5 IR 3R R 5 00k v 22 L i
i, s B AR A SA (AT . AUt , S A5 AR TP A8 52 i il UM B RS0 I
AT R L R R SCAT LLBEAT A W] AR A S IR, FE BBk i 72 R G ull
il 72 T 8 A SRS I, 5 2ELR 5 5 I8 = AN R AR AT 0 82 i R 2 B AN [ i 07 XA e e
BT FAT L RPN 18 5 . AR SCTE LR A O AIT5E B kAt b 6 TS AR LA A 1
B F W LS R AT AREZR R T 20 R T A R AR W (5 AT B 25 A DN R AL . % B AE
ZRAT LA SR X A2 2 B SRA AR AR AT AR AT S SR B WF S 45 7, S fie N T3 RE R |yl 15 2%
KRS

FURI b SR TR 583 B 15 SRR B0 5 R E— 20 i | SR Je iod 2% it >R 22 M 1 Ay
N H AT R —B0 03 o RT3 A R 25 A (5 AT 12 e 28 0l P Al A 7= T B 5%
B NSO, AR T A B0 O 0 i 2 o J2 T ) 2% 7 7 B, A o 8 ik TR (R AR A A Y
RIS FET LA BRSO A SO I T U JLAMEAS HE— 2D I 5T 89 R, 5 BT B0IR Rk
WEFE 5 T A BT T
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1. #E—TRREZEFET LR FaEEREXRNEESENZID

SCHRPTIRARZE B R 7 ABLOC RIRFER B, S0 T VR A HERE LRI XV 2 5 A 7 o R sy A 5%
M, BERS , FERRAS BRI O B HERE R AR Z 212 TR ATE S e ik it . it sk
e, B AT R GECR BB R, AT B ke RS B 1 A A R o IR 55 BN 2 R Al e TR
(Puntoni 4§,2021) 70 3K EEPLIR 2 0HIE BB T 7= AR TR (1 52, DA 1 S B N L &, AR
HWFFT T A EHER AT IL T 55—, IR A MBI 3 B 0 TN R 2 7= 5 S5 2 3 A 3
KRR, HFT Ao B A rhAE DR AL i 2™ i R AR ™ il A ™ it &
T PEBE AR — 02 B0, /N AR (Hoskins ,2020) ™00 8 AR5 530 325 1 7 X AS [ 7= i 2%
RIS BE RN T R AR AL, DA RGP i ) i S N2 55 7= A TS L e i, 55—, B AT B30k i A5 4
ANWTEE TN, AR 22 BT P TR RO H O A BT R BV SR S A LR () Ab B X5 | & TR
i T BRI P SRA BB S8 % AR R BB ZE T LA [ FE Pk £ B4R T 9 30K T BRI DSBS
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A Literature Review and Prospects of Consumer Algorithmic

Attitude Research based on Trust Perspective

SUN Yu-jia,SU Song, TANG Hong-hong
(School of Economics and Business Administration, Beijing Normal University, Beijing, 100875, China)
Abstract ; Algorithms form the fundamental logic for managing information, facilitating automated decision-making through
statistical analysis and precise predictions. The rise of Artificial Intelligence ( AI) algorithms is increasingly reshaping
human society ,marking the advent of an intelligent era.

On a theoretical front, given the demonstrated superiority of algorithms in specific tasks, scholars are increasingly
investigating their applicability across a wide array of fields. Analyzing the trajectory and findings of algorithmic attitudes
literature through an econometric lens reveals that consumer attitudes towards algorithms have been dynamic, encompassing
algorithm aversion,acceptance,or even pure preference under specific conditions. The evidence unequivocally supports the
evolution of consumer trust. As algorithms continue to advance ,consumer access and utilization will proliferate , necessitating
a critical examination of how consumer attitudes toward algorithms will metamorphose.

From a practical standpoint, the application of algorithms in digital transformation empowers companies to enhance
customer satisfaction, mitigate risks, bolster competitiveness, and ensure compliance with regulatory standards. Recent
introductions of innovative chatbot models like ChatGPT into public consciousness hint at the integration of a new generation
of intelligent algorithms into daily life. These interactive algorithmic models bridge the gap between consumers and Al,
fostering increased consumer trust and potentially reshaping future attitudes and behaviors. Thus, systematically exploring
and prospecting the positive evolution of consumer approaches to algorithms holds intergenerational significance.

Recognizing the limitations of holistic trust in exploring consumer attitudes comprehensively, this study introduces a
three-dimensional framework of consumer algorithmic trust: dispositional trust, situational trust, and learned trust. The
objective is to elucidate behavioral changes from a trust-based perspective. To the best of our knowledge ,no existing studies
have systematically consolidated positive algorithmic attitudes within this structured framework. Furthermore , prior research
on the determinants of algorithmic trust has been dispersed and lacks explanatory mechanisms. Therefore , there is a pressing
need for a systematic exploration of the conditions under which algorithms can garner positive user attitudes and the role of
contingent factors in this process. Grounded in the establishment of the triadic relationship of algorithmic trust, this article
summarizes the outcomes of discussions surrounding individual , algorithmic, and other influencing factors from previous
studies. It offers a mechanistic explanation rooted in dual processing theory to construct a comprehensive model of
algorithmic trust. With the premise that these factors are interdependent inputs, this article delves into an in-depth analysis
of the antecedents , processing mechanisms, and outcomes of algorithmic trust in both non-interactive and dynamic interactive
contexts.

Lastly , prior literature on downstream consumer behavior, such as decision-making and judgment, has been relatively
limited , primarily focusing on one-dimensional investigations. Therefore,to address this gap, this paper posits that the three
forms of trust exert influence and overlap, ultimately impacting consumer behavior through the overarching dimension of
algorithmic trust. In terms of downstream behaviors, consumers not only place psychological trust in algorithms but also
exhibit varying behaviors corresponding to algorithm appreciation, choice,and dependence.

In the future, the enhancement of our algorithm governance program should concurrently prioritize the promotion of
technical trust and governance confidence ,demanding increased levels of involvement from all stakeholders. In the realm of
academic studies, Al-related topics remain at the vanguard of several research domains and hotbeds of inquiry. In this
paper, we present five research avenues meriting further exploration based on both practical and theoretical considerations.
Each research direction centers on algorithmic trust as its core theme, proposing viable, forward-looking, and innovative
topics grounded in contemporary theoretical foundations and real-world applications.

Key Words: three-dimensional framework of algorithm trust; algorithmic appreciation; algorithmic choice; algorithmic
dependence
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