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ML R IE F o R T E ol A S ALE i & R B E R PR S T A RE & . S R
ZE(2024) 0 1 S B — AR SCHE T AR AR RECE I 6 T4 R ECE B AR G HE R &
R TPC 43265 Vgt 47 - T8 B0 AN 07 1 , 3% BOM 7 B0 KB die & 1), 4 Sk & AR I 5 5 =, 36 T i S
W0k, BVEE 98 5 RBE A DG iy DG B im) M R 0A) 2 5 5 =, 5 G e B, X SRl & R R b R R R O
(R4 2 150 B A5 RUROR SR A5 3R AT SCAS 3 17 5 505 DU, A 080 1 R A A Ml 45 A 4 B2 R 808 & ) HR 3 4
PR SE AL T, AR SCHURE B B R AR5 BT 0 S R & R A AT A SR e BT, 2
TR A R B 58 0.270.0.320, HEE ] T 1% WMWK BERE A SCH # 5 K5
N 6 AR B AT — 2 BB A A R

A . 2% LITERFFE (Cao 55,2023 5 28 S0 5 FTAB L, 202200 ) AR Sc s il LR A8 i
VEGE PRI RS R RO Al B ik ST B S LL ) SR — KB AR R B Ll A WL 5 T R R L
N ED KA PR — T B L B A G O 2SR BRI A N R AR R PR
T3 AR A SCIR AR T R] ATl T 1 [ RO

B AR e LR 1R .

* 1 FELXEEX
TE4 TENE &
AL 1 Fraud_Dum | 0% B AR A B K £ & AT K, KA A 1,50 % 0
MK Fraud_Fre ERUNCEER & I Ok
K 3 B R Bigdata KB A K R AP A R, P S 3
AR B Bd_Breath | £ % W 3K B A B R K 4 A A
R B3 B R B Bd_Depth WG KBRS AKX BY KR, O R
B E Roe R TR R
i A AKF Lev R e Sal =¥ |
A F] AR Size ANE R EFE VBB R
B E L) Indep MIEEAM/EERE AR
F— KR FEFE R First NFAE—KBREFHANARERE/INFERK
LA 5 & L Inst DIRCEIS R & 8 NN &4
A B KM Growth ERAN N
IR A — Dual FEKFEHFECEORMBY 1, E N A 0.

O A ERGH R R A CERFE ST BB Pk g tt 43 28 (2021) ) LK AR 7 KUR & A 1 CE PR % R 43 28 58 X
(2023.01 R ) ), AR SCY B H A EAE I T i 9 4 R 403 B O 1 9 TPC AR | R 2 B 45 A 5 A61B34/10 .G06F21/00.G06Q10/04

G16€20/10.G08B13/196 .G 10L13/00 . HO4L12/18 \HO4W 64/00 Z£7E P (19 16 F IPC H AR /NS (44 Fh IPCHE AR/ 4325
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g1
TEA RE/T B
B % E PPE B R R EE R
AE&nE Cashflow AN B b E B PR B I R B E BUE RN
AP KA Big4 NE Y AERERR kS IIFE ST FIRME AL, E M A0
JRe AR ] 7 B Balance BB B HKRAF R Z A0/ % — KRR
w it % A AuditFee ONELNFE AR BE B F AT BRI B Rt R
N B R Age N BRSO SE G B, BB 4R A 3T
R Seperate SRR EH AERNE AL RN EME

3. AT
Shy A 56 BB L X Al i KLAT g B, R LT AR
Fraud = a, + o, Bigdata + Conitrols + Eindustry + Zy'ear + Zregion + e (1)
Hop, Fraud B3 #4390 % A Fraud_Dum 1 Fraud_Fre #5175 8 . H P, 4L Fraud_Dum
1 Fraud_Fre /E 5 8% fi# BE A &8 0, 43 51 2% FH Logit B 13 #1 OLS [ 15 . Bigdata >~ 4> b K EUHE B -
Controls N ¥E M| AL 1 o Y industry .Y year 1Y region 43 5 R AT AFAD F144 Oy BE AL 1 o e £on bk
2o A, B E) H S PR S B A A M e 5% DL R R BSCHE I 8O 1 I T AR SCHs I A i R
i e — .

VU . SRS, R 55

1LH#ER ST

TR IES TS B . Fraud_Dum B93{H 7 0.193 , F B LEREA I 6] , 19.3% FIREAS 25 R AETE
TBHAT N o Fraud_Fre (3418 9 0.226, b5 #E 2% 49 0.503 , b5 1 22 W 5 K T 348, 156 WAL A Al 33 104
WAFER K25 . Bigdata W¥{E R 1.026, HP A7 50k 0.693 , Ut BH KB N FH K 52 45 R 43 A, R
A3 REAS Al R B I A R X RIS o s o A e ) (B SA A BV L

x2 HR MRS R

T E HE T v 2 E W /ME L
Fraud_Dum 0.193 0.395 0.000 0.000 1.000
Fraud_Fre 0.226 0.503 0.000 0.000 2.079
Bigdata 1.026 1.111 0.693 0.000 4.522
Bd_Breath 1.247 1.510 1.000 0.000 7.000
Bd_Depth 0.748 0.894 0.693 0.000 3.738
Roe 0.065 0.123 0.070 -0.570 0.358

Lev 0.432 0.205 0.426 0.055 0.884

Size 22.197 1.258 22.033 19.878 26.040
Indep 0.375 0.054 0.357 0.333 0.571
First 0.348 0.147 0.327 0.093 0.743
Inst 0.454 0.248 0.473 0.003 0.931
Growth 0.172 0.423 0.104 -0.563 2.732
Dual 0.262 0.440 0.000 0.000 1.000
PPE 0.215 0.161 0.183 0.002 0.698
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4k 2
T E HE T v 2 E W /MME " AfE
Cashflow 0.046 0.069 0.045 -0.159 0.238
Big4 0.053 0.225 0.000 0.000 1.000
Balance 0.695 0.587 0.530 0.026 2.706
AuditFee 13.649 0.636 13.554 12.468 15.825
Age 2.876 0.328 2.944 1.792 3.497
Seperate 4.819 7.467 0.000 0.000 28.249

2. KEHE N A5 Al b #E B )3 55 A

R3GR TEFRRBE H, A A 25 5, 0 4 S IR 25 R T M5 B AR SCHE 9 AR O i R 72 2 R 22
Y [ 5E R R Al b, R RO AP B ) A Oy AT S 8. S5 R BoR L ik 2 U
Fraud_Dum it 5 Fraud_Fre fE W f# A & , Bigdata I BH RIS B FE N, NEFE XL LFE, L
55 (2) B RIS (4) 50 A ), AR5 Ho At 25 AR AR | AR 4 v 55 K B0 107 FH AR S 1 ) 431 A 884 i — A~ 24z 0
T4 AT R KA B RERKE TR B 0.099% , i UMUK T B 0.168% . DL RS R B, BE & R £
07 JH 5 R B B T, Al Az 3 BRAT S B ARE R U S 25 T I B ORI I P R Al 5 KLAT Ay RE 8
FRAE AR RO o BRI H, AR LUSRIE o

*3 ABAEN S b5 H LI E AR
) Fraud_Dum Fraud_Dum Fraud_Fre Fraud_Fre
/E
(1) (2) (3) (4)
Bird -0.033" -0.045" -0.009"™ -0.011""
L
et (-1.79) (-2.40) (-2.49) (-3.06)
R -1.957"" -0.650""
e (-13.36) (-16.30)
L 1.039™ 0.225™
v (9.47) (10.47)
Si -0.218™ -0.043""
= (-8.72) (-9.13)
Ind -0.058 0.047
e (-0.18) (0.78)
. -0.946™ ~0.115™
!
" (-4.76) (-3.39)
p -0.303™ -0.059""
!
" (-3.15) (-3.45)
0.043 0.007
Growth
(1.00) (0.78)
0.1717 0.027°
Dual
(4.46) (3.50)

@ g R, KB R IR AR AN 1%, N — 4R BT O & 2R AR K T [ 0.0065% (e"P-1) . Giil & B, BEAR Al
K HCHE R AR A 206 R 6,539, F B AT AfE , KB I 3R AR A  I — A B, DR — 4 5B B AT A A R U] A AIG 0.09949% (=1+6.539%
0.0065%x100) o [F] B, K H5 45 1oz FH 1) 431 4 38 i — A~ B, 335 BUAR UK T B 0.1682%
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Hk3
) Fraud_Dum Fraud_Dum Fraud_Fre Fraud_Fre
3
(1) (2) (3) (4)
PPE -0.225 -0.080""
(-1.60) (-3.18)
Cashfl -0.803"™" -0.069
o (-2.85) (-1.32)
Bicd -0.647"" -0.102""
N (-6.32) (-8.12)
0.107™" 0.031™
Balance
(2.69) (3.90)
) 0.466™" 0.097™
AuditFee
(10.45) (11.42)
A -0.105 -0.010
ge (-1.64) (-0.89)
g 0.008™" 0.001™
b
cperate (3.07) (3.44)
& W -1.614 -3.002 0.080 -0.318
(-5.95) (-5.00) (0.64) (-2.04)
FERAT I B B E BN = = = =
X, ] {E 25531 25531 25531 25531
th R*/R? 0.029 0.069 0.029 0.084

TE TR IR ARAE 1% 5% R 10% KT B3 35S b o offi. TIE

BLAHBENANARYEES A EME JH 5

SRS g Al B H, , A SCTE HE VAR AL (1) By b 4 ik R A8 i B 46 S OB 1 T 8 IR B AR
HOI, EAK S2E S5 R % 4 iR Y, Y LU Fraud_Dum K W % B 7% 1 0, Bd_Breath . Bd_Depth il
Bd_BreathxBd_Depth {1 [l 19 5 ¥t ¥ W 2% S 7, & B K /N 43 51 9 -0.013, -0.023 ., -0.013; >4 LA
Fraud_Fre N #% f# B 22 B0t , Bd_Breath Bd_Depth Fl Bd_BreathxBd_Depth A9 |13 22 8043 51 S -0.019 |
-0.029.-0.013, H¥ = /DIRF| 1 5% By 0 F MK o X e 2 B0 k48 R W1, RAE ) B IR K
LI A 500 %o Ml R Sl 2 EL A 9003 P % 1L 78 LA

BB Y 2, Wald #2505 B , Bd_Depth 5 Bd_Breath . Bd_BreathxBd_Depth 7 ${ 2% 5 1) 4 %
pAEI /N T 0.1, RIVHE 2 151 09 22 H0ORH (6] 09 D A 52 o DA B 235 SR 3R WY, RS040 I P % B8 XoF i ol 3 KL 1 41
2800 R TR LA K T R R R B RIS RO o S8R — o EE T R AR B T R B
RN 22 FE e 85 R R BT 5 2 A U, A e DR Sl o P ) St B I R L T X Aol i AT
h H o Z AL 2 A A AN BE R f 1R B B, AR Aol o R XU TR L P AR M AR A T T IR A 1 A
ARE BT RER i — % . TR AR SCRRIRAE D T AR R AL 2R AR R DA BT R R
PR A TR T 3 R0 T 8] 0 3 S 7 i 0 52 AT R ) 52 5O HE B < 3RS S i P AR AT RE 7R 0 ] A
M B 3 i v T BORE B AL T Wk T R, B 2 R L B B0 i B I TR B 23 B ) RS T
JIT R B

@ I B A T 22 Ak (6] DRI ek 2 i £ 45 JR Y 9 2 S T A R A B ), L Dl S L R OB I P TR AR R B ol i
FAY R W R B2 2 S5, 7 SRS DA BT A A i R AT Bm AL Ak B
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* 4 ABENA) E RERAEBRABNEA L EHEAEZIEEFTLER
) Fraud_Dum Fraud_Dum Fraud_Dum Fraud_Fre Fraud_Fre Fraud_Fre
% E
(1) (2) (3) (4) (5) (6)
-0.013" -0.019™
Bd_Breath
(-1.65) (-2.31)
Bd Denih -0.023"" -0.029"
12
- (-3.25) (-4.01)
-0.013™ -0.013™
Bd_BreathxBd_Depth
(-2.74) (-2.79)
BHEE 4l 4l 1 4l # 4 # #
E/ATIE B
B = = = = = =
A 25531 25531 25531 25531 25531 25531
 R¥/R? 0.068 0.068 0.068 0.084 0.084 0.084
4. NEHEDH

(1) THAZEE o O 2 fifk ik i 55 70 v n] BE A7 76 09 B PRR i %, AR SCOR JH T B 4 vk ik Ay
PR B0 o A5 % BERE AR 4 (2019)"7 T A5 (2023) % A ML | A 303 B 1984 4F V4l BT 76 3 T A5
T35 NI J Bk (Post_office) 6812k B 1 BE (Fiberl) VE 0 T HAS B . B0 IRl it 2B F AR &
JEE IO FH B il L 2 A% 8l TR T B BOR SE AR 7 B TR G R B S R A 2 B A R A
A 38 RO 2 2 A A A 2 82 0 T A DX I8 5 S I T Ak R LI I B AL e R T i AE
M i TR A 3 5 i B A R B R R SR TR I T s DX i i Bt K AT A TR W T
AH O PE B ZE5R o T Bl A 38 TR R A PRGE A I DY AT A R R 2R B W O, D sl b A R R KR
2GR Al 22 B PSR R e L R A A O TR e R A R 53 A, B O B A
1984 41 1l J&y Kt Sy A 100 4 L AR S0 2 25 BORE AR (2019) 7 A Al L 1 P AR — 300 Y 4 [ R
BN 535 1984 A7 4% b 2 i B 5 N I SRy K i ) 52 SR I0UAE g 24 309 O B o P AR E A TR AR
o OBBIAE O BUTAR B R 09 O B 4L 2, p A o BT 2 TR AR T — i L LS8
SRR P BE A ) I RO I e T R AR B R A% B, S s ) RO A%
A A A B B A U AE G TR R W 3 R AF AT ORI R G T . DRI OB A8 2
KA B T 58 36 By {5 8 Rl B AT 38 807 45 B R BBk, AT B2 i DX i ol R K4 8
KAl T RS R R IO AR DG R . 53 A, Ot B A B AN A Jey 3l BRI R R T 3
SRBK S, Mk 55 T H A Hb DR E A9 28 5% K , N ERIR B OF O 25 B4 52 e ol i AT Sy il R AR A

Mk .
x5 WA AR I AR
OLS IVProbit 2SLS Probit Heckman % = [ % PSM
xE Bigdata | Fraud_Dum | Fraud_Fre | Bigdata_D | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre
(1) (2) (3) (4) (5) (6) (7) (8)
Bigdata -0.493™" -0.198™" -0.053"" -0.013"" -0.060" -0.012"
(-3.20) (-3.89) (-2.71) (-3.48) (-2.07) (-2.16)

@ 3R 5 G MR HL Ml 55 B AR S50 N 1985 4ETFAG , e it Y B Dy b — A A I Ll 5 B 45 B

DX SR S Jg 0 A 75 3 e A B BRI Sl 55 3 A AR R
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X E2E 20055 £33
sk S
OLS 1VProbit 2SLS Probit Heckman % — P & PSM
TE Bigdata | Fraud_Dum | Fraud_Fre | Bigdata_D | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre
(1) (2) (3) (4) (5) (6) (7) (8)
Post_office 0.098"™ 0.151"
(6.00) (3.77)
Fiber] 0.058™ 0.109™
(7.01) (5.31)
MR 0.525™ 0.126™
(2.51) (3.14)
BHEE % % # 4 # 1% #] 1% ] # # # 4l # #l
Zﬁ;’ g i’j 2 2 2 2 2 2 2 2
A A 22929 22929 22929 22929 22929 22929 6236 6236
t R¥R? 0.381 — 0.145 0.032 0.069 0.083 0.092 0.119

A5 512K JH IV Probit  2SLS B AL A7 [0 5, HAR S5 L8 50955 (1)~(3) 5], X T IVProbit [1]
9, Wald 56 45 F £ W, p (H=0.0014<0.01, F5 46 A 1776 9 A= P 0 IR AR . 25 — B BE CLR fH (AR A
439 101.06 . 11.07, p EH /N F 0.01, R A ARt 5 T HAFAEA M B 785 T HAS R K.
X} F 2SLS [ 5, DWH £ 56 25 5 B 7R, p (/N F 0.01, $5. 48 T K ECHE I FH 8 0 A= A8 1 19 JRAR 1% .
Kleibergen-Paap rk LM 4t it & & 125.007 (p {4 >4 0.0000) , 4 T. B 78 £ 32 5 A 2 89 JF AR % ; Cragg-
Donald Wald F 4t i1 4 62.566, K T Stock-Yogo 55 T H. A5 5 HUI S 5 78 10% 835 PEKSE L il 3
4(19.93) ,Fa48 55 T H7Z B (9 SRR 3% . Hansen J 48144 0.234(p {H 4 0.629) , $£2 T A8 & 4k
PEER . FAN, BB (D) RIS — N Bt 45 R R, Post_office Ml Fiberl B Z25UITE 1% /KF R E HIE
$5(2)~(3) 81 R 55 By B M 25 31, Bigdata W AN 11 R BUR SR 835 R . R BA7E R T 248 & Ab 3
PR ) IS 98 4508 R & AR AR .

(2)Heckman P By Bt i o by % fifk o6 % M Al 158 41 R 1) P9 26 M )8, 8 SCHUR A Heckman I By BE A5
RUMEAT FRAG 06 o 1, 8 R PR i Bigdata_D , 27 4 M K BN I A2 B8 K T A7 M — 4 18 w4 450, T
0 1, 75004 05 H WK, LA _E SC Post_office  Fiberl VE 2 HE Bk P 2 o A8 R, Hofb 43 o 28 F 5 1 SO AR —
2, 2R Probit A5 Y JE A7 £k TH 45 2 386 K R H F R (IMR) 5 505, P96 IMR AR A 56 9 455 78 1E 47 [m] )5 300
K. RSP AYEE (4)3) A Heckman 25 — B B 11 3 45 5 |, Post_office . Fiberl B9 [ 13 2R %0435}y 0.151 .
0.109, HikF| T 1% M B E MK F- . RS (5)~(6)5 K Heckman 55 By Bz 1A 45 5 IMR (%) £ 11
FREITE 1% KT L 83N IE , R AR REA S PR R 08T . FE42 ] IMR X — 1M 22 )5 , KRB
N FHIHE 19% KV F 3 R 0, BE R 450 IR e AN A2

(3) M0 1] DC L A5 4375 o Ry 2 fif — SR ] W5 114 23 00 28 5 il 3 5 DR 38 R F R 4508 1 T 9, AR
SCABLRe A 1 DG B0 A5 40 vk (PSM) HEAT FEAS 50 o EL UMb, 55 — 85 R I8 A R R R /N R
N Ty B R A Y 20% REAR B O SCIR A, A NS IR T OB IR AR A S,
bScEE AR ARy ATl XA DS R R AT Logit 1T, A B ] M A 5 55 =, R IR B i 4R DT
e b AR R4, T 4% 1 LAY L B AT B XS o A B A A AN 1 TR, il B DRGS0 4 A
YHHZ M MZEEMETESmMAREER S, SAORE, NRGFELRHA S BHALRE LR,
SRS R LR 555 (7)~(8) 3, Bigdata 5 Fraud_Dum . Fraud_Fre ¥ i 35 U F 3¢ |, 1 3C 458 45 9Kk
LT o
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sk —AbEE ----- X R ZH 25F AhHR - - X HERZH

2t AN
N
Of 1 |% - e 1 Oh 1 1 1 1 1
0 0.2 0.4 0.6 0.8 1.0 0 0.2 0.4 0.6 0.8 1.0
i i PE AT 5 1) PTC AT 53
(a) PERCHT (b) PLfcfs

Bl ZBEESGHE

5. fa 2 e

COHEBR AR o 55—, HEBR Mt Pk £ S D8R i B AU A e o 7 B b, b vy
REAFTE SR M0 A LS B PR | B MR 2 ) 1 B, 200 A 1 40 8 1) RO S B 0] S5 S PR AT o Ol 1 R
e 30 b T R P R R L AR SC S IR R AR (2022) AR L BEAT AN R B AR D% TR B 4 5 TR 1Y
28 A SN A BB LA BRI BRAE A2 B T 5 BB SR B T4 R AR B A% BORE AR A ] 5 @5 Bk
A A AR S B R A ) 32 e 2y IR 2R 2 By BT AR ST A R REAR . R 6 5 (1) ~(4) 51 iR
Bigdata B TH R E W E A7, Hp (EH/NTF 0.05, WF58 458 A 52 SR ms M A5 B B @8 A7 R i 5

S T HE R A O T A R AU AR o BT 2R B AR, RSS2t DA K 1 A Al B B 5
JHT R O o 1 205 R WD BT I U B A M R ) £ S A 1 R A BRI RE , BE 4 i
HLAT A (Alkebsee Fil Habib, 2021)" . AJ G A4 T2 2 , B0 1o FH AR B2 o 119 ol 22 37 A3 RLAT S 20
Je DR Oy G 32 300 A R O R R i AR DR a1 Y S TR R R R SR RE o A R B b A A
T A SRR 4 ol BB 4 S V2 3 U1 4 B A7 Ml (DK BF 9 R A 40 4 SRy v (I 41, 43 L EAT R 3
iz LR R AL, BURA SCEE TR R SR AR A T OB R . R 655 (5)~(8) 5 R, 7E I
VRS TE BE AR Y Al , Bigdara ) 101 28 K0 5 25 0 9705 70 W44 S T B2 o 1) A, Bigdara 14 181 ] 28 %000
A o XHERR 1A G T B R A R A AR R

%6 HRBEREMBELLE R
BB o0 P B TR B R HE R R R OB R
ep  [RERBRTREHA[HREERRANRE| RAREKA G JE
Fraud_Dum | Fraud_Fre |Fraud_Dum/| Fraud_Fre |Fraud_Dum|Fraud_Fre|Fraud_Dum|Fraud_Fre
(1) (2) (3) (4) (5) (6) (7) (8)
Bigdata -0.054™" -0.012"" -0.062" -0.004" -0.049" -0.012"" -0.039 -0.010
(-2.65) (-3.08) (-2.08) (-2.34) (-2.38) (-2.92) (-0.83) (-1.27)
EHEE oy oy oy oy v | w6 | w6 | o6
F %’ g ;j;/j’ L 2 ® 2 2 2 i i
BB 19890 19890 22235 22245 20054 20054 5474 5477
% R¥/R? 0.060 0.070 0.041 0.022 0.069 0.086 0.097 0.096

@ AR CNRDS WA PR b 9 BORE AR 24 ) 1 IV 2208 ) S i s B0 11 B2 2 ) 00507 I 080 19 1 9 % 80 A BB 4K O 7
PR B2 TR AR 120 880 AN 10 8 4 CUE 55 o 410 ) 258 e 8 1 IR A4, 3 35 A R R0 45 DK e = 3 0 il R Y00 L S A )02
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(2) BB R it o T SCHE Hh, G 2R B, Al 38 KL AT 20 23 15 B e i B AL L 428 i
WL R e 48 5 ML =28 o AR SOk — 20 A6 50 B I T 33 = Rl MEAT S s o o S R Ak 7
Ro GERFY, LR L Fraud_Dum if 2 VL Fraud_Fre /£ 9% RS 1, Bk 91 (1) 4, Bigdata #4115
FA W E . w] UL B O Al A R B i T ML | 20 DL B 4 N LR B AT

.
* 7 FHRUBMBELTERRER
ERMEFMN BZEHMN & E N
T E Fraud_Dum Fraud_Fre Fraud_Dum Fraud_Fre Fraud_Dum Fraud_Fre
(1) (2) (3) (4) (5) (6)
Bigdata -0.033 -0.006" -0.044" -0.005"" -0.085™" -0.004""
(-1.44) (-2.12) (-1.88) (-2.54) (-2.85) (-3.09)
BHEE % ¥ ¥ ¥ % %
T £ £ 2 2 £ 2
L AE 25531 25531 25531 25531 25501 25531
th R/R? 0.082 0.076 0.070 0.061 0.048 0.021

(3) B i e AR o 5 — , WH BRAT L 22 5, AR SOH 28 55 A7 oMl 3 4 1% B0 1 FH ( H B s alk K
B 1N 025 4F B —A7 M () 8 bR A7 1 Al B 1 F R B 108 Bigdata_Ind , F 8 SEHERLAL
55 L O TH B A9 Y S A, AR SC LRI B B 5 AR R SCAR 1Y R TR R B R R T A Mk KB
FEEE 0 A Bigdata_R. T BLfERAY , SCUE S5 R W% 8 55 (1) ~(4) 81, JC ik LA Bigdata_R 353
Bigdata_Ind fi A K BRI , 0109 2 8008 1 250 7, B 9E 458 AR R AR L

* 8 FHREBELTEMARFERNAERER
FHREHELE R
T & Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre

(1) (2) (3) (4) (5) (6) (7) (8)

-0.054™" -0.014™ -0.033 -0.008"

Bigdata (-2.71) | (-3.34) | (-1.60) | (-2.03)

-0.040" | -0.010™

Bigdata_Ind
rgdata_in (=2.09) | (-2.63)

-8.065"" | -1.535""

Bigdata_R
igaata_ (-4.41) | (-4.67)
EH T E = 4 1= 4l % 4 = 4 = 4 = 4l = 4 % 4
ﬁ %//fi— l“ﬁ /%\ % =i =1 =i )= =4 =4 )= )=
N N 7z 7 7z 7z 7 7 7 7
& & %
L {8 25531 25531 25531 25531 20867 20867 20611 20611
t RY/R? 0.069 0.084 0.070 0.084 0.064 0.085 0.065 0.082

(4) AP FEREA o 55—, 2013 4F (I 55 Be ¢ T HEdE W I A P R R IR R BB 2
Jai , 3 FE T f R MU A Bl A ol ) B A e B o DRI 5 — B b ol AR AT RE G A b R 1 S A
AT RS A AR S R 7 AR BE I, AT X F S8 45 98 7 AR T o AR SCAIBR 2013 4F LURIT A BF 58 FE A 528
PEAT LA R 30, SCUESE R UL R 855 (5)~(6) 51 o 5 —, % T BT R R KA U (A Rrik v L 78
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R LA b A7 AE — € B9 SE A AL 3, R L, AR S5 R DU A~ B4R T Ao A A Bl S8 B 47 K 8, SR 45
RIFK8H (7)~(8)F o AHMER I, BRHE (7) 5150, Bigdata 1) [T R ECIYTE 19% KF 1 W358 G, 0F
TR B HERAAZAL

(5) HA AR R 56 o QD by Zfifp 22 ) J2 THI A Bl I (7] 722 Al 14 35 s 22 B X IF 5 4598 19 T B, AR SC7E
S ERTRY SR 1 HE— 2P P 1 I A, EHAG TR (1) S5 R W R 9 (1) ~(2)51]. @F
JE B Aol 5 MUAT Dy 55 A7 b A s 72 AR A A DA AR O, A SCAE S AR Y v g T Al — i ] 52 L ] R AR
I AT AT AR IR 95 (3)~(4) 51 . (D i 2] i b i WL A% 5 15 AL B A 5 U O a4
i, 8 SCABLR FH Tobin B 784 1 7 — 301 [ Y045 0 50 7 R Ay 0] U A 360, 45 2R LR 9 51 (5) ~(6) 3] . 45 R I
7N, Bigdata B FECY 03 0 00 K S 45 R 5 3R ME N H — B0, 8 B ARBF S50 B BUm AR 1

*9 Hfb AR Lir % R
g Fraud_Dum Fraud_Fre Fraud_Dum Fraud_Fre Fraud_Dum Fraud_Fre
*E (1) (2) (3) () (s) (6)
Bigdata -0.105™" -0.022"™"" -0.007" -0.011™ -0.007" -0.046""
(-3.63) (-3.28) (-2.36) (-3.07) (-2.44) (-3.00)
Bk £ # 5 # 5 # 5 # £ e )
F AT LI B . o o o o o
A R ® 2 5 % % .
£ 7 5 5 2 2 5 5
8 20867 20867 25531 25531 25531 25531
tH R/R? — 0.085 — — 0.072 0.066

T PR

1. W EALH 5 1
R BRI Y B AE 2 4 , RBCHE  H 2 ER E a 4R e fR B R T (R R RE ) A 4L 4L SR o
(PR HEMKAE ) PO AR AL R AW Ml B MEAT o A SCR A B AR B3 A 7 LR AT 4G 36, LA A
BNF
Fraud = vy, + v, Bigdata + y,Mediaor + vy,Bigdata X Mediaor + Controls + zindustry

+Zyear + Zregion + &

Hrfr, Mediator HLHI 22 & , BAKGLHE (5 QB8R A SR, K p e e CHRA() 8., &
SRS H g SR T A LY (81U 2R Ky, DLIEHISE B R HIL ) 75 BT

(DfF B AEEKAE . S5 — Mok , A SR F AT & A (DA) Fo3 B 0l 5V JE (Analyst) 21
Al A5 B e it o R/ B IEAY Jones KRS EE BT A, 20 XHE UK, 15 B 9 5 i i AR 5 i 47 1
RN G TR IZ AR M B 23 A BT A SR X B A7 i k. 25 RN ER 10 Y Panel A TR . 85 (1)~
(8)5 7R , Bigdata W) K0 .3 R 71 % 45 SR BRSO RE TR H, 55 (D SRS (3) 51 7R, DA 1Y
RBITE 1% KV 13 R IE 55 (5)~(8) 5 7R , Analyst 1 R B HE 1% K I 358 5 3 SE4iF
P ENAIE T {5 B4 8% o AR 8 410 ) A ol L B9 18 A o B8 B BigdataxDA B 1] IH R R 2 O OE
BigdataxAnalyst {01 U Z2 550 0 3 Sk 0, 100 PH B 25 15 8L B o 0 o 1) B2 T, OB 1o FH T s oMk 3 AT
FR 410 1 4 P B S B S B A R B R T A Ml B I R AR 5 AL AT S R b R T R AR
A B BE A2 T
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(2) PSR MR BE BE A2 o A SCLAAS ol A B P 3R 850 (MDE ) FE B8 3805 (INV)AE by v 78 T SR 0% 1
W BEHE bR o TR AE T, Ak A BRAE O — RS B A0 S AL 0 TF R 40 s o AR AR UG 2, T e SR 5
FMBET U LSS S) . P, 8 B AOR A A — 8 B B R B Al P SRR S Ik, o B — 3
PE T 5T R R R Al D A R A, o TR AR L S R AR A8 A (L T R A A A 4
DA R VAl P S 2 T A s DG P . R I R 0S5 A 4k A A RH R (2015) YR A0 R H
247 Ml R 1 4 B 2 RN A B B FH 2 R L B A Y (R R A B R SR R BB, A
BRI 5 >R I Richardson 5% 78 Ak 31 1) % 25 46 (LA £ 4 M 43 96 008, 7k 25 4 X R, Aol 4% 9%
ROEMEAL, 45 R N3 10 1Y Panel B iR . 25 KW, MDE T INV (1 18] 5 R ECH 7E 1% K F I 1
O IE 1 B A B ALOR AR RIOR R R A b 3 R ARE SR RIS, B A Ml P O 5 E: B A% 41 7
WA E AT R AN, (2) 5 ()5, DL (6) 31 55 (8) 3 R, 38 B0 BigdataxMDE #il
BigdataxINV 1 0] 15 2 503 1 2 0 0F 3 2 W, > A oll Al 200 P 3% IR A, R0 1 A X £ ol 33 B
(800 AV 2 3 5, mT O KBS0 1o ) 4 55 A ol 45 B L 8 9 A R A0 B SR DT 2 — 2 B IR Al 5
AT g o DR R I A T

*10 WAL AR 5 5 R
Panel A 15 B & # % 2
) Fraud_Dum | Fraud_Fre| Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre
T E
(1) (2) (3) (4) (5) (6) (7) (8)
. -0.043™ -0.0827" | -0.011"" | -0.020"" -0.039™" -0.009 -0.010™" -0.003
T
g (-230) | (-329) | (-2.96) | (-421) | (-2.06) | (-039) | (-2.78) | (-0.49)
DA 0.886™" 0.329 0.249"" 0.112
(3.22) (0.91) (4.37) (1.56)
Anal -0.112"" | -0.084™" | -0.018" | -0.012""
/St
s (-6.21) (-3.67) (-5.541) (-2.87)
BivdataxDA 0.534™ 0.139"
2
e (239) (2.80)
Bigdatax -0.025™ -0.006™"
Analyst (-2.03) (-2.44)
BHEE | # # # 1 # | |
F AT /A B
B e = = = = = = =
A
A 25531 25531 25531 25531 25531 25531 25531 25531
B RY/R? 0.069 0.070 0.085 0.085 0.070 0.071 0.085 0.085
Panel B & 5% & # # 12
) Fraud_Dum | Fraud_Fre| Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre
T E
(1) (2) (3) (4) (5) (6) (7) (8)
Bivd -0.049"" | -0.050™" | -0.012"" | -0.012"" -0.044" -0.068"" | -0.011"" -0.020™
12
et (-2.60) | (-2.68) | (=3.34) | (-3.25) | (-2.34) | (-2.91) | (-3.02) | (-4.38)
MDE 1.000" 0.509™ 0.216™" 0.129""
(6.08) (2.30) (6.07) (2.93)
0.888"" 0.559° 0.188" 0.070
INV
(3.85) (1.79) (4.30) (1.24)
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4% 10
Panel B # % I & % 12
. Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre | Fraud_Dum | Fraud_Fre
o (1) (2) (3) (4) (5) (6) 1) (8)
BigdataxMDE 0.446™ 0.072"
(3.38) (2.42)
BigdataxINV 0.359 0.133™
(1.70) (2.94)
Ty # 4l # %l # 4l 5 4 5 4 4] 1 4 # 4l
MI;/ g ;;’f "l e 2 2 2 2 % 2 2
A 25531 25531 25531 25531 25531 25531 25531 25531
% R¥/R? 0.070 0.071 0.085 0.086 0.069 0.070 0.084 0.085
2.2 RS

(D) PR Btk . 79 ER A R ST H T, B Al AR B A Ak R B bR BT 380 %
PEIFASHATE o DRI Aol 68 77 AU B AR AT R 2% 52 Wil R &5Hls i 5 Al i A R E G &R o AR SCEE T
REAR S 7 S PR 4 N N AR A 4t 3 A Al 28 RN AR A fisolk 20, 3 206 36 AR i T sl
B ES ., 1R ER, TIERL Fraud_Dum il & Fraud_Fre fif & VB AT 0, EAEE
A A4, Bigdata ) R EUHE 1% KV & W3 R 10 i 78 B A 4, Bigdata B Z 500K 1B 3. 1
H AR SCR 3 T Bootstrap AY 2% 4 /K 2H & 45 30 15 IR SRR Y BB E S 500 YR HE 47 20 8] 28 5022 S A
5, 45 R WK, Bigdata W24 1A) 25 5 p (H 4/ T 0.1 X UEHT , KB i F A AR A Al 35 #0474 i 40
ORI 2 XA RESE R O, — 2 AR A Al Y A 2 25 N5, B UL O AS 4, R
FHRE 8 52 BT Al 385 2l ) 42 T S I O o M 45, DA A3 808 ol il T A o T AT Al A7 R PSR 2
32 ) A Ml ) BE I KL 20 0 U B, AN W 5 3 1 e A AL AR ) T AL A A A ol i AT R RE
fi TR gl A, PR T G R B B AR B A R A G AR . R AR A A B AR A e BT
I KA, 5 1A FH DR B 40 B8 6% 77 £F S Ay I 355 ) i ML A0 o8 2000 o i A i ol B TR R Y o
T S ] T 5T it K A Y B R R, LA RO AR R TR TR A A Y 3 L B
FEAL , b Fsf DR A8 7 FH 6T 338 I AT A 1 3 o 410 ) 507 D A X AR

* 11 HTFERERGREREREER
FEAA L B A 4k FE A AL E A 4k
% E Fraud_Dum Fraud_Dum Fraud_Fre Fraud_Fre
(1) (2) (3) (4)
Bigdata -0.070"" -0.003 -0.018"" -0.002
(-3.20) (-0.08) (-3.77) (-0.30)
BHEE 15 #l 1 #l 1% 1% #l
FEARAT /A i B E BN P = = =
A E 15809 9703 15809 9720
# R¥R? 0.066 0.073 0.099 0.062
Hae KA B 0.065 0.010

(2) A7k 5 P o e R A AR o 5 A ol i) ) LR AIE L 5 4 B 35T 28 08 SR K08 1) L 1 AR 2 O
ANHETR] 33 B 22 XoF Al s B 7 A S PR B IR . AR 0SB 2 4R RN B R R (2017) P A AT
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r K ARG S €25-C29.C31.C32,C34-C41.163-165 M73 Y47 ML & X K i B AT, I 38 1 6 A
A5 B AT L AEE SR AT AL . A SSRGS R R 12 R . SR BN 7R R RHE AT
ﬁﬂ,Bigdata'ﬁqud_Dum\Fraud_Freﬁ]?'{ 1% 7K | i & A 5% Eﬂﬁ%ﬂ‘ﬁ?‘}ﬂk?ﬂ,lﬁgdam 0]
] 2B R 3% B RS IS R TR, Bigdata ZEITE 1% K Lol it T 41 22 A 5% .
AT, KB 1T X5 A bk ML AT A A A T B B R B E S R A . JRINAE T, W R AT
DAl LA A R R A R R A AR AE R R S B E R B KRN
A T SRS BC O 3 o DRI o Rk A i ol XoF oA 25040 5 AR B R A B R Y e 2 R R G A o T T
I 118 7% 5 g R RIS A G 388 /0N, i 2 38 1) 2 2 o A AR G 3 55 o i L o R A ol i A ) A
RO BEARBRE N FE I AT B R 2 0B B T & MR AT 8R  BLi, K e
Al A M 55 G AR N B YT BI8 37 RO TP IR BE A P SR I 7 A T Sy WY el A 3 B A AR

12 ETALRENFRAMERRER
I & A AT & A EAT 3 = A HAT & B AT
T & Fraud_Dum Fraud_Dum Fraud_Fre Fraud_Fre
(1) (2) (3) (4)
Bigdata 0.059" -0.092"" 0.003 -0.017""
(1.79) (-3.96) (0.41) (-3.76)
BHEE 1% 1% ¥ 1
AT /4 B B E RN = = = =
WA 11013 14518 11013 14518
% R*/R? 0.079 0.067 0.088 0.086
heRackD 0.000 0.000

(3)HL X S PE . A SCS 7 R ISR 35 (2021) ) (14 Ak 0 B35 X 38l 8 1y 3 455 4 48, O A 4l
FEAR R A 280, B RS Al J) 0 O B R IR R RN, o AR IR 13 o o 7EMRE R IR RE AR
), Bigdata B 101 I 2 B AN 88 2 5 70 08 B R R BEAE AR AL, Bigdata (9 181V B RO AE 1% K F 1 350
o 7oh BT & RAGRRIIEMBINER p HI/DT 0.05, Ui M Bigdata 1 8] 1 28 K070 5 7
RS AR AL ) A7 AR R 2 22 S o AT L, JROBCHE B X i b s AT DAy 4 410 ) 1 DAL T R 8 A A
BFEXRES . FEHIE N LS R4 A9 L IX, 5 RS R R 5% 0 vk T R B D {4 A LR O
N 58 ¥ 51 AR T O T X A A 2 TR A B BRSO A ROR SR IR o LA R R A
S B ML R AT, U T A R A RO BEER S . T HL S R PR A A X, R T A E A 4
HATHE 58 4 09 T 37 B il 50 4 0y ST AR B9 B R B INE BT g O ) BB IR 55 4 CRBRCRR I IR A
2023)"*, 33X S8 A 5 EUE H AR T CE A, fE EBOR S g, I TN S G e 4 L RE I (B8O . TR A
T PRI G 0 b X, RS I T A oMb i3 MRAT Sy ) 400 o £ P B A

* 13 ETREBMENFIUERBER
R AR L ESAE:! R AL ELEE R
T & Fraud_Dum Fraud_Fre Fraud_Dum Fraud_Fre
(1) (2) (3) (4)
Bigdata -0.011 -0.104" -0.001 -0.024""
(-0.46) (-3.51) (-0.25) (-4.56)
BHEE # 4 4 = %l 1 %l
FEARAT A i B E BN P P b P
L E 14487 11032 14489 11042
th RY/R? 0.063 0.090 0.077 0.103
bR AR 0.010 0.000
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3.EFRRAWN

LSRRI 5 (2018) B 58 & B, i LAl A 32 B MR A AL TS AT S PSR L — 27T A 4 2
AT R, N A FNA B R g A A NS i 2R, IR T B R . X SEIESE R
B, 0 3 MRAT A A M A Ak T B A B T o (ELRR a0 2 A R, B T M A o B AN i 4 3 ML I AS AR
X AR 3 ML A i R 2 A 00 O S B — S8 AL RTRE T Al A ARy T RS T X DA K i
A5 A ST R AR D (TR, 2022) 00 X ik, AR SCHR H TR . 20 B R R AR L Al 2 B A
B AT O, LA R L SUE EE A JE EAN  E M AU DU BGE M R 7 S Ak R B
JO7 I AE H rhe g AT oo (6,7 Ay ] 24 b 1) AT, AR SOl T A AL

Punish_agaN = 6, + 0, FraudDum + 6,Bigdata + 0,FraudDum*Bigdata + Conirols
+2induslry + Zyear + Eregion + &

Horpr, Punish_agaN A A 52§15 A n4F (n=2,3) KA S AT B MK o FraudDum 43014
AEJE BAFTEE AT AP AE R R 1, A0 0 Hofl 28 & SRR (1) B A —2, R 14750,
FraudDum {9 [8] 5 28 B0 1 25 00 1, 315 I 38 A0 O RI0BE 22 9 Al 78 2R R A R = 4F A PRk A 1
MUAT A B4 AT B R B g, BRI Al RE A A ORI TR o LR T, M Al B S B R
P 2 BB LT il A RS2 B i 57 00 R AR AR ST BT 8 A2 9 3 LA R 5 AR BRY
i LW A A RN X R o DR, R 7 o R R A AR ST L A S S B A B R £
IR R HCARAT SILEE TN A B ok St i MEAT S, HU s LT Beal Oy B AR EUH Rl 45 (4) %1
Z5 R WIR , 2 B I FraudDumxBigdata 1) [0 )4 22800 350 51 72565 (3) 51 b S8 B IR .35, (HAR SR
Ao X SEIE HfE HEAS UE B BN I T B % [ AR ML Ak R AR Y AT REE o T RE A RN AE T AR R
BAR TR BRE Z T, A 45 AH O PIBUE BAS 25 B, O B Dt 52 BT8R 0 i ek e
1k .38 (Oussous 55 ,2018) "0 Al 52 21 I A AL 511 /5, Wi 4 3 04 T A 5 SR 08l B0 AN o L 418 3 1L
O A LS A E RO A B E A A A RE B . TER AR AR R R 3 A A ol ) 2 s /b i
AT, s b Al G itk — 20 32 4

(3)

* 14 ABERLA AV FEALEELSHFRAEAZERRLER
. Punish_aga2 Punish_aga3 Punish_aga? Punish_aga3
o () (2) (3) (4)
FraudDum 0.421™ 0.279™ 0.468™" 0.398"™
(6.12) (3.12) (5.13) (3.50)
Bigdata 0.033 0.060"
(1.57) (1.88)
FraudDumXBigdata ~0.041 ~0.124
(-0.74) (-1.74)
BHEE 7 4 7 4 7 4
SEARIAT b1 B E R b b b b
UKD 18676 15573 18677 15573
1 R*/R? 0.026 0.024 0.026 0.025
AN IV ERR
1.4

FET A b KB 2 A 0 LA R LB R B A 1k i B S 958, AR SC L 2010—2020 4F 97 38 A i
BBl B A R N OFTEARAS , RGEERR T KB L RS Al i KLAT Sy 459 W R AR L BILER
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FEFFEE AT« KB L RE % 10 i ol 3 BAT O, 12 45 SR AR 38 b T O AR M b R AR £
360 J5 KSR BT o 33X U B ARG R B R B IRV B M 12 B S MR AR RRAE £ oll B R B AR g
A Sk N R A BRI SR RN A1 M A AL ) O 52 A T A, DT A I i oMl 3 AT SRy e 2 AR R R A
WK o TE DX 43 R BCH 0 4k FE IS, B 5 & B DR 808 o7 FH ) B8 TR B B LB 5 2807 /i 0 10 ] s oMb 3 A0
170, N SE e B2 B, KBS 1 FH TR 3 0T i Ml 335 0 1% 410 1) 80 iy 2 K1 )™ B DA B )™ B RO B 1 B 5
RN o BLH o3 B A B, 4 e 15 5L B 8 Joi 4k A 20 2 e 56 o i i RHSCHIE 107 FH 40+ Al 3 AL AT Sy 110 i 22
WEE RPOERE 1A AT 2 SRR RN e SR R RE L DA T 8 A S i AT N AL S . R4
BT B0, B I FH X i ol 3 B A 400 a4 ) 32 A A TR BA Al B Al DA R A T v o i
T PRl DX Aol o 3 B e i T oMl R B A AR AR B IR AR Y A B A R AN
F0 43 ) A N o 8 A ) B, DA kg A DG 1 — 20 8 B RS SR B OO Vs e R ik 2 P 2
%o U R R, H KB 2 0 Al TR R A AT O AT RE R A X — 45 R U0 Al i
FEEA ™ Z B RO, A RIS 107 T . % 11 55 12800

2.EBRRBT

B AR Al R 4R B B AR AT R A B A ML |, TR S R AR 5] & BT A R
oo Rt A SCHET BIRBFSR S50, JT 45 6 B TR BILAY SC BB 4 L R R B 556 BRALRE 1 BEIE DG
FINR BB AR PER Z 5 G R, B TE A A M k) L R R P 5 IA A AP A R A v O
FRMYOR SR, BT

S — TR ECR AR R TR TE AR R T Al BRI AROE R R R L E )
b FF KB B AR R, AS W A B AR B S T RE ), R A A DR O AE 1Y o A S T R
e S R B 9 A% O IR B VE T, LAOR AR AR AR B R B8, 45 e Al e 3 5 o, 3 ofy B 4 DR i g P A
085 A ol 3 R A T AP . R SRR Y R 7E S R Ak R b, SRR N A AT BB Al ok 48 KUK
Sk ML PR R R AE R, — g BB IS T ORBCE I R R BE AR o S it Al F A IE
B REBE BRI, DL 408 22 R A TR0 A7 YT 3 i g R B0 5w B 5l o
BRSO BCHE W 2 2 2N i 22 B A XU, DLOR T A R R R B R AT ok 19 2 Wl R B
43 8

5 L T AT AR B N T RE R BE LA K W [RIAE T N R R B AR AR 2 D A B Y R
ZEHE . — O AL TR B A 5 A ST R £ ot 0 R BE B R B A S SR R R IR
55 ATHF REAEHOR B H A 27 M B, Y5087 HOR N 5 207 1) 96 F iy AR A
i Ml AL T FRAR T R 5 55 A B Sl A B IR AN R R R SRR T R R BN ik 55 5
WA O W ARYE [ OB R A S B IO ), BT TR AE KB A% O i (B B KB
f FHABCSE ASORE SO o 5 e TR A, B R R B RO, TR AR OB + A = R AR
P2 JE B R S A SR A 3 2P A R R BRI s A A, LA SE A R 45 H I RE 1

55 R SR A b Al T R A o DR o R R DR M R S AT R BOHE 2= SR ok
AE B A T W 0 102 5, AU TR A O A OG0 A B AN % 2B T A Rl i A A
AR, fe KRR B R B OB B ) R 3 R 3 R AR T R e N B R RE R . X
BHEE A F L R KR B BT H AR KRN AT R GER LS, 5B A%
I b R AR OB A R T BRSO R AR B S e E AR &L B O A B RO
FH 1 5 AR PR R R L R i KT B R R BE M XA T T G T KOBCHE U H N 0 K A
MR, R T A DB 55 IR 55 RO R L TR AT AR AR B o DR BRHE T L RS BRRE L A
SLHEGE B B RBHE R o 53 A, 0 M BN A R AR PR R O AR A R R B 1 2 4 R AR B,
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How the Application of Big Data Inhibits Corporate Fraud

PAN Zi-cheng',YI Zhi-gao', BAI Shu-yuan®
(1.School of Business, Nanjing Normal University, Nanjing, Jiangsu,210023, China;
2.School of Business, Nanjing University , Nanjing, Jiangsu, 210093, China)
Abstract: In the era of digital economy, the application of big data brings both development opportunities and challenges
to corporate governance.However, the practical effectiveness of such application still needs to be examined. A literature
review reveals that although the aforementioned studies provide relatively abundant materials for researching the economic
consequences of big data application, there is still no consensus on its effectiveness.Moreover, few studies have specifically
discussed the relationship between big data application and corporate fraud, which provides an important breakthrough for
this research. In recent years, China has witnessed a surge in various violations such as financial fraud, stock price
manipulation, and false disclosures.In fact, in the face of the rapidly evolving and thriving reality of big data, incorporating
emerging digital technologies such as big data into various aspects of corporate governance may be the direction for
improving and optimizing modern enterprise management. Against this background, this article raises the following
questions: How does the application of big data affect corporate fraud? What are the underlying mechanisms? And what
factors may influence it?

Taking corporate fraud as the starting point, this paper systematically explores the impact of big data application on
corporate fraud based on data from 2010-2020 A-share listed companies in Shanghai and Shenzhen.Empirical results show
that the application of big data can significantly reduce the probability and frequency of enterprise violations.The above
conclusions are still valid after several robustness tests, such as instrumental variable method, Heckman two-stage method
and propensity matching score, replacing core variables, excluding alternative explanations, and changing research samples.
Furthermore, after distinguishing the dimensions of big data applications, it is found that both the depth and breadth of big
data applications, as well as their combined effects, have negative impacts on corporate violations, but the inhibitory effect
of depth is the most pronounced. Mechanism research shows that big data application mainly inhibits corporate fraud
through two paths: “information empowerment” and “decision empowerment”. Heterogeneity analysis shows that the
deterrent effect of big data application to corporate fraud is more pronounced in non-state-owned enterprises, high-tech
enterprises, and enterprises located in regions with good business environments. Economic consequence analysis finds that
the likelihood of repeated corporate fraud is higher for non-compliant firms, indicating a “two-face” effect of corporate
fraud, but big data application can mitigate this to some extent.

The possible research significance of this article is as follows: Firstly, current literature exploring the economic
consequences of big data application at the micro-level of enterprises mainly focuses on areas such as innovation, market
value, and business decision-making, with no consensus on its effectiveness.This article , however, examines the value of big
data application from the perspective of corporate fraud, studying its positive and negative effects.It provides new empirical
evidence for the effectiveness of big data application.Secondly, previous literature has tended to demonstrate the impact of
big data applications from an overall perspective. This paper breaks the research inertia of treating big data applications
homogeneously by subdividing them into two dimensions: breadth and depth.It also explores the differentiated impacts of
these two dimensions and their combined effects on corporate violations, thereby providing a further supplement to the
research on big data applications. Thirdly, this article explores the path of the deterrent effect of big data application on
corporate fraud from the perspectives of information disclosure quality and management decision-making efficiency. It
further refines the situational context of this effect from three dimensions, namely ownership nature, industry
characteristics, and regional characteristics. The research findings unveil the “black box” mechanism of how big data
application can prevent corporate fraud, and enhance people’s comprehensive understanding of the relationship between
the two.Lastly, this article focuses on the economic outcomes and analyzes in detail whether companies involved in fraud
choose to reform or escalate their violations after being inspected.It also discusses the important role played by big data
application in this process. This not only reveals the “negative spiral” effect of corporate fraud but also provides new
insights for the industry on why and how to restrain corporate fraud.In summary, this research provides important practical
references for why the digital economy era should promote high-quality development of big data and how to optimize
corporate governance.
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